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a b s t r a c t 

How useful is work experience from the gig economy for labor market entrants searching for traditional wage 
jobs? We conducted a correspondence study in Sweden, comparing callback rates for recent high school graduates 
with (i) gig-experience, (ii) traditional experience, and (iii) unemployment history. We also study heterogeneous 
responses with respect to perceived foreign background. Our findings suggest that gig-experience is more valuable 
than unemployment, but less useful than traditional experience for majority applicants. Strikingly however, no 
form of labor market experience increases the callback rate for minority workers. 
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. Introduction 

In many countries, the labor market has become polarized, with
arginal groups finding it increasingly difficult to find employment.

n particular, low-skilled youth and migrants from refugee countries
ake up a large and increasing share of the unemployed ( Förster et al.,
017 ). In parallel, there is a rise of a new form of non-traditional
ork —gig jobs —with considerably lower entry barriers compared to
ost traditional wage jobs. 3 An important question is therefore if

hese easily accessible —but low-paying —jobs provide labor market ex-
erience that is useful for marginal groups on the traditional labor
arket. 

In this paper, we shed light on this question by studying how employ-
rs hiring on the traditional labor market value work experience from
he gig-economy. We conducted a correspondence study in the Swedish
abor market, submitting fictitious applications to entry-level vacancies.

e compare the number of positive responses from employers for young
pplicants currently (i) employed by a well-known gig company; (ii)
☆ We are grateful for comments from Stefan Eriksson, Martin Nybom, and Roland
nstitute in Labor Economics in Uppsala, and the EALE/SOLE/AASLE World Conferen
as been registered with the American Economic Association RCT Registry under num
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3 The term “gig jobs ” refers to (predominantly service) jobs where workers are co
ig-economy vary substantially depending on exact definitions and measurement; su
nd Australia work through an online intermediary ( Farrell and Greig, 2016b; Katz an
n the US, Collins et al. (2019) find that the share of earners participating in gig wor
000 to 2016, and now accounts for 11.8 percent of the workforce. We describe the 
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pplicants since we are interested in the value of gig-job experience for
abor market entrants. We also study the heterogeneous responses for
pplicants with Swedish vs. Arabic-sounding names, since abundant ev-
dence shows that the latter group experiences particular difficulties of
nding jobs on the traditional labor market. The choice of applicants is
lso relevant since youths and immigrant males are overrepresented in
he gig-economy in our context (see Section 3 ). 

Compared to unemployment, gig-experience could send a positive
ignal to employers about applicants’ motivation and effort. But, the
ow entry barriers in gig jobs, which are rarely preceded by a formal
creening process, may lower the information value of such past work
xperience. Gig-experience could also signal a lack of options on the
raditional labor market, and the solitary nature of many gig-jobs may
ake it more difficult for employers to verify the work experience. A
riori, it is thus not clear how employers perceive experience from the
ig economy, and consequently if gig-jobs are useful as stepping stones
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o traditional employment or if workers are involuntarily stuck in these
ower-paying working arrangements. 4 

Our findings suggest that for natives, experience in a gig job in-
reases the call-back rate from employers compared to unemployment,
ut not as much as similar experience in the traditional labor market.
ore specifically, we find that gig-experience improves the contact rate

y around 2 percentage points (or 11%) compared to unemployment,
hile the impact of traditional experience is about twice as large. While

his pattern suggests that participation in the gig-economy can lead to
 slight improvement on the traditional labor market for the majority
roup (compared to unemployment), some caution is warranted, as only
he difference between traditional employment and unemployment is
tatistically significant at the 5% level. 

Consistent with prior evidence from Sweden and elsewhere, we find
hat the callback rate of applicants with Swedish-sounding names is
lmost twice as high as the callback rate of applicants with Arabic-
ounding names, indicating substantial ethnic discrimination in the
wedish labor market. The average callback rate across all three ex-
erience treatments is 10% for applicants with Arabic-sounding names,
nd 19% for applicants with Swedish-sounding names. But in stark con-
rast to the findings for the majority group, we find that no form of
abor market experience (neither gig- or traditional employment expe-
ience) increases the call-back rate compared to unemployment for ap-
licants with Arabic-sounding names. This striking result is consistent
ith employers having such strong negative priors against this group

hat higher qualifications in terms of more experience do not improve
he call-back rate. But it could also reflect that recruiters internalize the
erceived circumstances faced by the job candidates (e.g., adverse labor
arket conditions for minorities), generating a less negative signal from
ast unemployment when the candidate belongs to a minority. 5 While
e have to leave further exploration of these mechanisms to future re-

earch, we conclude from our findings that gig-jobs do not seem to be
n important stepping stone to traditional wage jobs for this group. 

Our paper contributes to a growing literature (summarized in
ection 2 ) on the extent and role of non-traditional work arrangements.
ecent studies, mainly focusing on taxi drivers, suggest that workers
alue the flexibility and independence of gig-jobs ( Chen et al., 2019;
all and Krueger, 2018 ). At the same time, several studies indicate that
any temporary and on-call workers would prefer permanent employ-
ent with regularly scheduled hours to their current employment ar-

angements ( Boeri et al., 2020; Datta, 2019; Mas and Pallais, 2017 ). 
Despite this, the question of how participation in the gig-economy

mpacts workers’ future labor market prospects has received surprisingly
ittle attention. One reason is that gig-workers are difficult to identify
n existing data sources (see Abraham et al., 2021 , for a detailed discus-
ion about measurement of non-traditional workers). However, even if
articipants in the gig-economy were easily distinguishable from other
ypes of workers, an inherent concern is that it is difficult to separate
he effects of working in a gig-job from the effects of other important
orker characteristics which are observed by the recruiting firms but
ot by the researcher, potentially leading to biased estimates due to
nobserved heterogeneity. In a recent study, Jackson (2020) combines
ariation in gig worker demand driven by the geographic roll-out of gig
conomy platforms, and individuals’ propensity for gig work to estimate
4 Gig-jobs may in addition displace alternative job-search or skill building 
ctivities that might have larger long-run payoffs. They are also less likely to 
rovide the sort of social networks that have been shown to help especially 
oung workers find employment ( Hensvik and Nordström Skans, 2014; 2016; 
ramarz and Nordström Skans, 2014 ). 
5 This mechanism is consistent with statistical discrimination models (e.g., 
igner and Cain, 1977 ) in which the returns to applicant characteristics 
epend on their majority or minority status. It is also consistent with 
ehaghel et al. (2015) , who study anonymous résumés to show that interrupted 

abor market histories (possibly signaling unemployment spells) are strongly 
egatively valued for majority candidates but not for minority candidates. 
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he impact of gig work opportunities following job loss. Her results sug-
est that unemployed workers experience lower earnings losses in the
hort run, but that the availability of gig jobs is associated with earnings
osses two to four years later. 6 In relation to our study she also finds that
ake-up of platform-based gig work after unemployment leads to lower
e-employment rates. Our main contribution is to document precisely
he return to gig-experience in the job search process. 

We also relate closely to the literature using correspondence exper-
ments to estimate the impact of past unemployment and type of work
n the likelihood of being contacted by employers (e.g., Eriksson and
ooth, 2014; Farber et al., 2019; Kroft et al., 2013 ). To our knowledge,

his is the first paper in this vein to inform about employers’ valuation
f gig vs. traditional wage job experience. 

The paper is structured as follows: Section 2 gives an overview of
he relevant literature; Section 3 provides a short description of the
ontext —the Swedish labor market; Section 4 describes the experi-
ent; Section 5 presents the empirical model and main results; and

ection 6 concludes. 

. Related literature 

Research on gig-workers is still relatively limited, but evidence sug-
ests that some workers value the flexibility and independence of gig-
obs ( Chen et al., 2019; Hall and Krueger, 2018 ). At the same time,
here is a growing number of studies indicating that some groups en-
aged in non-traditional work would prefer permanent employment to
heir current jobs. In particular, Boeri et al. (2018) show that newly self-
mployed workers, and in particular gig workers, would like to work
ore hours. Their study is based on survey data across the US, UK, and

taly, suggesting that almost 20% of the gig-workers in Italy, and 10–
5% in the UK state that working in the gig-economy is their only op-
ion. Datta (2019) uses an experimental design based on vignettes to
stimate the willingness-to-pay over some of the most important char-
cteristics of typical and atypical work arrangements (wage, longevity,
oliday and sick pay eligibility, flexibility of work hours, flexibility
o work from home, ability to choose tasks performed on-the-job and
ax implications). He shows that attributes typically associated with
raditional employer-employee relationships are by far the most val-
ed, and that these preferences hold even when analysing just the sub-
ample of those in atypical work arrangements. 7 Furthermore, Katz and
rueger (2017) show that workers with prior unemployment histories
re over-represented in alternative work arrangements, and that work-
rs in non-traditional jobs earn considerably less per week than do reg-
lar employees with similar characteristics and in similar occupations. 

On the employer side, several papers have studied the impact of un-
mployment history on the likelihood of being contacted by employers.
hese suggest that employers recruiting to low-skilled jobs are insensi-
ive to short unemployment spells but react negatively to longer ones
 Eriksson and Rooth, 2014; Farber et al., 2019; Kroft et al., 2013 ). In
articular, Eriksson and Rooth (2014) suggests that the callback rate is
educed by about 20% for young, relatively well-qualified applicants for
ow skilled jobs in Sweden if they have been unemployed for at least 9
onths. An interesting exception is Cahuc et al. (2021) , who find no
etrimental effects of past unemployment on the likelihood of being
6 Consistent with this, Koustas (2019) uses personal finance data to show that 
ousehold income and assets decline prior to entering the gig-economy; and 
utor and Houseman (2010) show that temporary-help job placements yield 
arnings gains in the short-run, but these gains are offset by lower earnings and 
ess frequent employment in the longer run. 

7 Related to this, Mas and Pallais (2017) use a discrete choice experiment 
mong applicants during the hiring process for a call centre in the US to esti- 
ate the willingness-to-pay distribution for flexibility attributes for jobs, such 

s flexibility of hours and work location. They find that the majority of workers 
re not willing to pay for flexible work arrangements. 
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9 We included all municipalities in the regional labor markets of each city, 
classified by Statistics Sweden. 
10 In our pre-analysis plan we specified a sample of 8,000 applications. Be- 

cause the data collection went faster than expected, we decided to extend the 
experiment to 10,000 applications. This did not change our results in any sub- 
stantial way — see Section 5.3 , and the AEA RCT Registry, registration number 
alled back by employers for high-school dropouts in the French labor
arket. 

While no previous study has estimated the value of gig-experience
n the likelihood of being contacted by employers, a few papers have
ooked at other aspects of the type of work experience included in the
V. Farber et al. (2016) and Farber et al. (2019) show that experience

rom low-level interim jobs lowers the callback rate for college educated
omen in the US. In addition, Nunley et al. (2017) show that underem-
loyment is associated with lower callback rates for college educated
ob applicants. While related, these studies do not focus explicitly on
ig jobs and also pertain to a different segment of the labor market. 

. Background: the labor market and gig economy in Sweden 

The Swedish labor market is generally characterized by high labor
orce participation and employment rates by international standards.
nemployment among prime-aged workers is low, but low-performing
ouths and migrants from refugee countries make up a large and in-
reasing share of the unemployed. Wages are more compressed in Swe-
en than in other EU countries, and minimum wages are particularly
inding for young workers ( Forslund et al., 2012 ). The fraction of entry-
evel jobs (i.e., those considered to be low-qualified) is lower than in any
ther EU country. Earnings differentials between the employed and the
on-employed have increased dramatically since the beginning of the
entury. One major reason is that transfers to the non-employed have in-
reased at a slower rate than wages. This means that there are strong in-
entives to find employment in Sweden, but also that the consequences
or failing to enter the labor market can be severe ( Nordström Skans
t al., 2017 ). 

Around one fifth of the Swedish population is foreign born, and in
018, a quarter of the foreign-born population was from an Arab League
ember country (Statistics Sweden). Correspondence studies from Swe-
en suggest that the callback-rate of job applicants is twice as high for
atives as for perceived immigrants. This effect appears very similar for
rst- and second generation immigrants ( Carlsson, 2010 ). 8 

Estimates of the size of the Swedish gig-economy vary across stud-
es. Survey evidence in Huws et al. (2016) suggest that about twelve
ercent of all persons aged 16–65 in Sweden have worked through an
nline platform. Among these, a quarter reported the gig job as their
ain or single source of income. Another survey indicates that around

our percent of working age Swedes had tried to get an assignment via
 digital platform in 2016. Applying for gig-jobs through digital plat-
orms was more common among men, youth, and people born outside
f Sweden ( Ministry of Employment, 2017 ). While it is hard to com-
are estimates of the size of the gig-economy across countries as they
ary in representativeness, definitions and measurement, the most reli-
ble estimates suggest that gig economy platforms’ employment share
anges between 1 and 3% of total employment in most western countries
 Schwellnus et al., 2019 ). 

Particularly useful for our study is a survey to high school graduates
onducted by Statistics Sweden in 2020. The survey targeted a random
ample of students who graduated in the Spring term of 2017, which
s the graduation cohort of our fictitious applicants. Three years after
ompleting high school, around 70% of students from vocational pro-
rams (as our fictitious applicants) reported work as their main activity
nd 50% had a job that was fully, or partly, in line with their program
rientation. Furthermore, four out of ten graduates overall and five out
f ten graduates with immigrant background had at least one unem-
loyment spell during the follow-up period. Finally, four percent of the
8 For further evidence see Carlsson and Rooth (2007) and Bursell (2007) for 
orrespondence studies on the Swedish labor market; Holm (2001) and 
hmed (2005) for evidence from laboratory experiments; Eriksson and Lager- 
tröm (2012) , who use an internet-based job search channel; and Åslund and 
ordström Skans (2012) for evidence from anonymous job application proce- 
ures. 
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3 
raduates had some form of gig experience, and the majority of those
ith gig experience were males ( Statistics Sweden, 2020 ). Overall, these

esults indicate that a non-trivial share of young people experience dif-
culties upon labor market entry, and that the fraction of youth using
he gig economy is similar to the fraction in the overall working age
opulation. 

. Experimental design 

Our study was conducted from March to October 2018. The Swedish
conomy was in a boom during this period, with an unemployment rate
f around 6% and high labor demand ( Arbetsförmedlingen, 2018 ). 

The experiment was concentrated to the three largest cities of Swe-
en: Stockholm, Gothenburg and Malmö, because gig-economy jobs are
elatively common there. 9 In total, we sent approximately 10,000 job
pplications to 3,300 job vacancies posted at Sweden’s largest job board
latsbanken . 10 The applications were sent by email and employer re-
ponses were registered through telephone and email. To reduce the
nconvenience experienced by the employer, all invitations to job inter-
iews were immediately declined. 

.1. The choice of job vacancies 

The job vacancies chosen were low-skilled jobs, i.e., jobs without
equirements of previous experience or post-secondary education. This
hoice was motivated by our focus on the usefulness of non-traditional
ork experience for entry into the traditional labor market. To this end,
e sampled all employers in Stockholm, Gothenburg, and Malmö who
osted vacancies without requirements of previous experience or post-
econdary education on the Swedish job board Platsbanken . The experi-
nce requirement was indicated by the employers when uploading a job
d and could easily be filtered out by job seekers using the job board.
he education requirement was specified in the text of the job ad. 

Applications were sent by email. This implies that we restricted the
ample to all vacancies that included an email-address in the job ad. Em-
loyers with their own application procedure on their external webpage
ere disregarded. 11 Our final data set consists of 9,987 applications.
ig. 1 shows the distribution of our applications over broad occupation
roups defined by the first digit in the Swedish Standard of Occupations
SSYK). The vast majority (almost 80%) of applications were sent to jobs
elonging to the broad occupation groups “Service- and shop sales ”, “El-
mentary occupations ”, and “Clerks ”. 12 In Appendix Table B.1 , we also
how the 20 most common occupations at the 3-digit occupation level. 

.2. Details about the fictitious applicants 

Since we are interested in the value of participation in the gig-
conomy for labor market entry on the traditional labor market, we
esigned job applications for young workers who search for a job a year
fter high school graduation. We also chose to focus on male applicants
ince men comprise the majority of the workers in the gig-economy. 13 
EARCTR-0002766, for further details. 
11 In the end, we applied to approximately 12 percent of all job ads posted 
n Platsbanken that fulfilled the occupation and experience criteria. See 
ppendix A for additional details about data restrictions and construction. 

12 The group elementary occupations includes jobs as helpers and cleaners, 
elpers in restaurants, doorkeepers, newspaper and package deliverers, garbage 
ollectors, mining and construction laborers, manufacturing laborers and trans- 
ort laborers. 
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Fig. 1. Distribution of applications over occupations. Note: The figure shows 
the fraction of applications sent over broad occupation groups defined by the 
first digit in the Swedish Standard of Occupations (SSYK). 
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15 Even though we only send three applications to each vacancy, we need four 
identities —two with Swedish names, and two with Arabic names —in order to 
stratify the secondary treatment in a balanced way. 
o get a reasonably high callback rate, the applications were designed
o signal a relatively well-qualified applicant (for their age). To this aim,
lace of residence and high school was chosen to signal a middle-class
pplicant with a completed high school degree from a vocational track
imed at the service sector. In the résumés we also included at least 12
eeks of workplace training in a traditional job, which is the mandated
mount in vocational high school tracks, and having a driver’s license.
he age was not stated explicitly in the application but could be inferred
y the employer from the year of high school graduation. 

We would like to emphasize that the job applications were not de-
igned to reflect the average gig-worker but the type of job-seekers we
ope to learn about (labor market entrants with/without foreign back-
round). It could be problematic if our applicants appear unrealistic for
heir labor market history and the advertised type of job. Unfortunately
nformation about the characteristics of gig-workers is scarce, both in
weden and internationally. However, official statistics suggest that
oung and foreign born workers are over-represented in unskilled work
n general on the Swedish labor market ( Arbetsmarknadsekonomiska
ådet, 2018; Engdahl and Forslund, 2016 ). Survey evidence from other
ountries moreover indicates that gig-workers come from all age and ed-
cation groups ( Boeri et al., 2020 ). Finally, from the labor market survey
o graduates in 2017 discussed above we learned that spells of unem-
loyment and gig-work are not uncommon in the first three years upon
raduation. Thus, while evidence on the composition of gig-workers is
till very limited, we feel confident that the applicants appear realistic
o the employers. 

To achieve the desired sample size we followed Eriksson and
ooth (2014) and sent three applications to each posted vacancy in the
ampling frame. To this end, we constructed three application templates
or each city with a high school name, a vocational track, an address,
 job training experience and an application layout, resulting in nine
pplication templates . These are the applications to which the treatments
ere randomly assigned. The application templates consisted of a cover

etter on the first page and a CV on the second page. 14 We also gener-
13 Survey evidence from ILO suggests that around two out of three gig-workers 
re men ( Berg et al., 2018 ). 
14 Appendix C shows three examples of the CVs and cover letters, in the orig- 
nal Swedish as well as translated into English. 
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4 
ted four applicant identities, which each comprised a name, an email
ddress, and a phone number. 15 

The applications were sent with a lag of one day between them,
eekends excluded. To increase the probability that the employers read

he applications they were sent close to the date the vacancy ad was pub-
ished. The first application was normally sent out the first or second day
weekends excluded) after the job ad was uploaded on Platsbanken . 

.3. Definition of treatment 

We randomly assigned fictitious job applicants into (i) 7–15 months
f non-traditional work experience in the gig-economy; (ii) 7–15 months
f traditional work experience; or (iii) 7–15 months of unemploy-
ent. The 7–15 months duration corresponds to the time elapsed from
ugust in the year of graduation to the start/end month of the ex-
eriment (March to October 2018). Survival analysis in Eriksson and
ooth (2014) suggests that after nine months, around 70% of low-skilled
outh have left unemployment for work. In addition, their estimates sug-
est that employers care about contemporary unemployment lasting at
east nine months. 

Following earlier studies, unemployment was signalled through a
ime gap in the CV and by the phrase “right now I am looking for a job ”
n the cover letter. Hence, it should be kept in mind that some employers
ay perceive the gaps as signals of absence for other reasons, such as,

.g., travel. 16 

We wanted the job tasks in the gig-job to appear as similar as possible
o the job-tasks in the traditional job. Therefore, we compared a gig-job
here the task is to deliver food from restaurants to customers to a tradi-

ional job of delivering mail. 17 Both these jobs are independent service
obs where the worker moves around the city on bike. The skills ac-
uired on the job are local knowledge and being in good physical shape.
owever, the employer-worker relationship differs between the two. To
ork for the gig job company, the person needs to own a smartphone
nd a bike, have a temporary or permanent identification number, and
e 18 or older. 18 A typical job ad for the traditional employer states
hat applicants should: be at least 18 years old; have a completed high
chool degree and a driver’s license; be fluent in Swedish; be in good
hysical shape as well as be positive and service minded. Applicants are
lso obliged to provide an extract from the police register declaring the
ype and number of convictions. Thus, while no private gear is needed
n the traditional job, the screening process is more formal compared to
he gig job. 19 

An important aspect for the experimental design is whether the em-
loyers can identify the gig job employer. We chose the gig job food
elivery company that had been on the Swedish market for the longest
ime, and that also operates in all three cities as well as on the inter-
ational market. To further indicate the character of the company and
he job experience, a sentence added to the CV explicitly stated that the
ompany is an app-company: “Company X is the dominant app-company
or food delivery in city Y ”. 

We did not include information about the number of hours worked
n the gig/traditional job. Thus, it is possible, or even reasonable, that
mployers interpret the gig experience as more irregular and intermit-
ent compared to the traditional job. 20 Employer perceptions about the
16 Indicating the reason for time gaps other than unemployment is encouraged 
y the Swedish PES ( Eriksson and Rooth, 2014 ). 
17 Unlike some gig jobs, the gig-job we use does not have a system for con- 
umers to rate the workers on their performance. 
18 A work jacket and a helmet is provided by the employer. 
19 The minimum wage for a mailman is 22,000 SEK (2,400 USD), which is 30% 

elow the median wage on the Swedish labor market. 
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Table 1 

Main results. 

(1) (2) (3) (4) 

Traditional work experience 1.62 1.62 4.01 3.49 
(0.60) (0.60) (1.23) (1.04) 

Gig experience 1.05 1.04 2.34 1.97 
(0.61) (0.61) (1.19) (1.02) 

Arabic-sounding name –6.70 –7.00 
(1.20) (1.01) 
ature of gig- vs. traditional jobs will thus be part of the effect we esti-
ate. 

On top of work experience, we randomly assigned applicants a
wedish-sounding or an Arabic-sounding name, which we chose accord-
ng to official statistics over the most common names given to newborns
n Sweden in 1998. 21 Given that they have degrees from Swedish high
chools and speak fluent Swedish, our applicants with Arabic-sounding
ames are likely to be perceived either as second-generation immigrants
r as first-generation immigrants who arrived in Sweden at a young age.
his is a consequence of making these applicants comparable to those
ith Swedish-sounding names, but one might worry that our treatment

ffects do not generalize to newly arrived first-generation immigrants.
owever, as Carlsson (2010) has shown, labor market discrimination

n Sweden is remarkably similar for first-generation immigrants with
oreign education and second-generation immigrants. For this reason,
e believe that our results are also informative about effects for newly
rrived immigrants. 

.4. Randomization procedure 

As described in Section 4.2 , we created three distinct application
emplates for each of the three cities, where an application template
omprises the layout and all text of the application, except for the indi-
ator of previous labor market experience (primary treatment), and the
ame and contact information of the applicant (secondary treatment).
or each vacancy, we randomly combined the three application tem-
lates with the three levels of labor market experience (gig-economy,
raditional work, or unemployment), and three of the four identities. 22 

e thus sent three applications to each vacancy. The randomization en-
ures that the primary and secondary treatment are independent of each
ther and of all other aspects of the applications. 

Since each vacancy received all three versions of the main treatment
labor market history), this treatment is stratified on the vacancy level.
he secondary treatment, Swedish- or Arabic-sounding name, is also
tratified on the vacancy level, since each vacancy received at least one
pplication with each treatment. Appendix Table B.2 shows the distri-
ution of applications over broad occupations and treatment groups.
eassuringly, this suggests that the number of applications is balanced
cross treatment groups. 

.5. Definition of callback 

Answers from employers were recorded up to two months after the
pplication was sent. Phone calls were not answered and we let the au-
omatic answering machine collect messages. All contacts by phone, i.e.,
issed phone calls, text messages, or voice messages, were registered as

allbacks. 23 Invitations to interviews by email were coded as callbacks,
s were invitations to online tests or questionnaires. All questions by
mail from employers, for example ”Do you speak Norwegian? ”, ”Do
ou have the required electrical skills? ” or ”Are you willing to com-
ute? ” were also registered as callback. 
20 Evidence from Sweden as well as the US indicates that the nature of plat- 
orm work is short-term and intermittent ( Collins et al., 2019; Farrell and Greig, 
016a ). 
21 The Swedish-sounding names were Filip Johansson and Erik Andersson. The 
rabic-sounding names were Ali Ahmed and Mohammed Hassan. 

22 The randomization was performed using the Node.js package shuffle-array 

 https://www.github.com/pazguille/shuffle-array ) by Guille Paz, which uses 
he JavaScript standard function Math.random() internally. 
23 To connect a missed phone call to a vacancy in our database we used an 
nline search engine to search for the phone number. If the owner of the number 
as an individual and not a company, we searched for the name on Google, 
inkedIn, and Facebook to connect the name to a company. By the end of the 
xperiment a number of telephone numbers could not be matched to a vacancy. 
e called all non-coded telephone numbers, pretending to be dialing the wrong 

umber, to further improve the callback rate. 

5 
To make sure that the less well-defined responses from employers
o not drive our results, we show that our reuslts are robust to using a
arrower definition of callback. See Section 5.3 for details. 

. Estimation and results 

.1. Identification and estimation 

To measure how labor market experience impacts the call-back rate,
e estimate the following linear probability model: 

 𝑖,𝑗,𝑘 = 𝛼 + 𝛽1 𝐸 

𝑡𝑟𝑎𝑑 
𝑖,𝑗,𝑘 

+ 𝛽2 𝐸 

𝑔𝑖𝑔 

𝑖,𝑗,𝑘 
+ 𝜈𝑗 + 𝜂𝑘 + 𝜀 𝑖,𝑗,𝑘 , (1)

here 𝑦 𝑖,𝑗,𝑘 is an indicator variable taking the value one if application 𝑖
ent to vacancy 𝑗 using application template 𝑘 received a call-back, and
ero otherwise; 𝐸 

𝑡𝑟𝑎𝑑 
𝑖,𝑗,𝑘 

is an indicator variable taking the value one if the
pplication was given the traditional work experience treatment, and zero
therwise. Similarly, 𝐸 

𝑔𝑖𝑔 

𝑖,𝑗,𝑘 
indicates if the application was given the gig

xperience treatment. The model also includes vacancy and application
xed effects, 𝜈𝑗 and 𝜂𝑘 , in order to realize the precision gains from the
tratified randomization (these controls are not required for identifica-
ion); and 𝜀 𝑖,𝑗,𝑘 is an error term. The treatment effects are estimated by

1 and 𝛽2 . 
Because we are also interested in the interaction between our expe-

ience variables and perceived applicant background, we expand Eq.
1) by interacting the main treatment with the secondary treatment
Swedish- or Arabic-sounding name): 

 𝑖,𝑗,𝑘 = 𝛼 + 𝛽1 𝐸 

𝑡𝑟𝑎𝑑 
𝑖,𝑗,𝑘 

+ 𝛽2 𝐸 

𝑔𝑖𝑔 

𝑖,𝑗,𝑘 
+ 𝜆𝑁 𝑖,𝑗,𝑘 + 𝛿1 𝐸 

𝑡𝑟𝑎𝑑 
𝑖,𝑗,𝑘 

×𝑁 𝑖,𝑗,𝑘 + 𝛿2 𝐸 

𝑔𝑖𝑔 

𝑖,𝑗,𝑘 

×𝑁 𝑖,𝑗,𝑘 + 𝜈𝑗 + 𝜂𝑘 + 𝜀 𝑖,𝑗,𝑘 , (2) 

here 𝑁 𝑖,𝑗,𝑘 is an indicator variable taking the value one if the appli-
ation was given an Arabic-sounding name, and zero otherwise. Here
capture the treatment effects for individuals with Swedish-sounding

ames, while the effect for those with Arabic-sounding names is given
y 𝛽 + 𝛿. Standard errors are clustered at the vacancy level. 

.2. Results 

Fig. 2 and Table 1 show our main results. Fig. 2 shows the average
allback rate for each treatment (i.e., depending on prior experience
nd perceived applicant background) and Table 1 shows the estimates of
Arabic × Traditional –4.54 –3.51 
(1.82) (1.50) 

Arabic x Gig –2.67 –1.93 
(1.78) (1.44) 

Intercept 13.94 17.29 
(0.60) (0.93) 

P-value, 𝐻 0 : Trad. = Gig 0.36 0.35 0.18 0.14 
Vacancy and application fixed effects No Yes No Yes 
Observations 9,987 9,987 9,987 9,987 
𝑅 2 0.000 0.671 0.017 0.685 

Note: Dependent variable is an indicator for receiving a callback from the 
employer. Standard errors in parentheses are clustered by vacancy. All co- 
efficients and standard errors have been multiplied by 100. Columns (2) 
and (4) include 3,329 vacancy fixed effects and 9 application template 
fixed effects. The P-value row shows p -values from Wald tests of difference 
between the traditional and gig work coefficients. Overall callback rate is 
14.8%. 

https://www.github.com/pazguille/shuffle-array
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Fig. 2. Callback rates by treatment status 
Note: Bars show callback rates with 95% con- 
fidence intervals for each treatment group. 
Table B.3 shows the number of observations in 
each bar. 
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nterest from Eqs. (1) and (2) , with and without vacancy and application
xed effects. 

Our main contribution lies in the analysis of the relationship between
ig-experience and the callback rate. But let us first comment on the
tark difference in callback rates for applicants with Swedish- vs. Arabic-
ounding names. Fig. 2 shows that the average callback rate for the mi-
ority group is considerably lower than for majority applicants, irrespec-
ive of type of labor market experience. The estimated callback gap with
espect to perceived background is 9 percentage points or about 47%. 24 

hile this gap indicates substantial discrimination against minority ap-
licants, it is well in line with estimates from previous correspondence
tudies on the Swedish labor market as well as other studies on hiring
iscrimination. 25 

Turning to the impact of gig-experience, our main results presented
n columns (1) and (2) of Table 1 suggest that participation in the gig-
conomy is more valuable than unemployment, but less useful than sim-
lar experience from the traditional labor market. 26 However, this pat-
ern masks substantial heterogeneity with respect to perceived applicant
ackground. More specifically, we only see an improvement in the call-
ack rate (compared to unemployment) for the majority group where
he difference between applicants in an ongoing unemployment spell
nd in a gig-job is around 2–2.3 percentage points, or 11–14%. Tradi-
ional work experience gives a further 1.5–1.7 percentage point increase
24 The average callback rate is 19.4% for applicants with Swedish-sounding 
ames, and 10.3% for those with Arabic-sounding names. 
25 Carlsson and Rooth (2007) find that job applicants with a Swedish-sounding 
ale name have a 50 percent higher probability of receiving a callback for a 

ob interview compared to job applicants with a Middle Eastern-sounding male 
ame. Similar evidence has been found for Australia, Belgium, Norway and UK 
see, e.g. Baert et al., 2015; Booth et al., 2012; Drydakis and Vlassis, 2010; Fibbi 
t al., 2006; Kaas and Manger, 2012; Midtbøen, 2016; Riach and Rich, 2002; 
ood et al., 2009 ). 

26 The difference in callback rates for applicants searching from unemploy- 
ent and employment is consistent with Eriksson and Rooth (2014) , who found 

hat unemployment lasting at least nine months have negative effects for young 
ajority workers who look for medium/low skill jobs. 
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6 
n callbacks over gig experience, although this difference is somewhat
mprecisely estimated. 

For applicants with Arabic-sounding names we instead find that the
allback rate is the same irrespective of whether the applicant is search-
ng from contemporary unemployment, from a gig-job or from a job on
he traditional labor market. Overall, we conclude from this result that
igher qualifications in terms of more experience does not improve the
allback rate for this minority group. 

.3. Robustness 

We have performed a number of robustness checks and supplemen-
ary analyses. Results from these are presented in Appendix B , and dis-
ussed below. 27 

In our pre-analysis plan we specified a sample of 8,000 applications,
ased on a power calculation for detecting a 2 percentage point change
n the call-back rate from a baseline of 10% with 80 % power and a test
ize of 5 % . Because the data collection went faster than expected, we
ecided to extend the experiment to 10,000 applications. This decision
as not based on any preliminary findings, as we did not look at the data
efore having concluded the extended experiment. Nevertheless, for full
ransparency we also report the results when restricting the sample to
he first 8,001 applications sent in Appendix Tables B.4 and B.5 (we use
,001 applications to ensure that each vacancy was sent three applica-
ions). They are similar to our main results. 

As discussed in Section 4.5 , our main definition of a callback is
ather wide, including not only invitations to interviews, but also ques-
ions and invitations to online tests. To make sure that the less well-
efined responses from employers do not drive our results, we repli-
ated the analysis using a narrower definition of callback, excluding the
ases where employers contact applicants for further questions (see Ap-
endix Tables B.6 and B.7 ). The results are similar, the main difference
27 With the exception of the sample size results, none of these analyses were 
pecified in our pre-analysis plan. 
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eing that callback rates in all groups are lower with the narrow callback
efinition. 

We sent three applications to each vacancy randomly varying ap-
licant name and experience. As the name composition and applica-
ion rank (i.e., the order in which the three applications were sent
o a vacancy) was randomized, controlling for these does not affect
ur results. 28 However, it might be the case that callback rates vary
ith name composition or application rank. To shed light on this, Ap-
endix Fig. B.1 shows mean callback rates by name on the application
nd name composition for the vacancy. Only one thing stands out: for
wedish applicants with the unemployed treatment, the callback rate
eems higher when there are two Swedish applicants and one Arabic,
han when there are two Arabic and one Swedish. However, there are
ssentially no differences for any of the other groups. Since we have no
lausible economic explanation for the pattern, and since it does not ap-
ear for any of the other treatment groups, it seems likely to be due to
tatistical chance. Furthermore, Appendix Fig. B.2 shows callback rates
eparated by application rank within the vacancy. While there is some
ariation, it’s hard to discern any clear patterns. 29 

Finally, we plot callback rates separately for the three regions in Ap-
endix Fig. B.3 . While callback rates are uniformly highest in Gothen-
urg, and lowest in Malmö, the treatment effects in terms of experience
nd applicant name are similar across the three regions. Thus we con-
lude that the results we find are generalizable across regions, and not
riven by a particular local labor market. 30 

.4. Discussion 

Our results suggest that the majority of young workers benefit from
ork experience in their search for low-skilled jobs. However, employ-

rs seem to attach a lower value to experience obtained in the gig econ-
my, suggesting that the type of job matters. This pattern could reflect
hat employers perceive gig-experience as a signal of a lack of other op-
ions, and thus as indicative of lower worker quality. Given the high en-
ry barriers into traditional wage jobs in Sweden, we believe that the sig-
alling value of wage employment is high in our setting (see Section 3 ).

We do not know exactly how gig jobs are perceived by employ-
rs —e.g., experience in the gig-economy may signal a more irregular
nd intermittent work experience compared to the traditional wage job,
ince evidence suggests that platform work is intermittent in nature.
his could be one reason for why employers appear to value gig experi-
nce below traditional experience. While this makes it hard to say which
spects of gig experience are important to employers, it allows us to re-
over the full effect of gig experience on the actual labor market. This
ncludes any misconceptions employers might have about the nature of
ig experience. 

Another potential issue could arise if the variance of unobserved pro-
uctivity differs between groups, introducing bias in estimates of dis-
rimination from correspondence studies ( Heckman, 1998 ). Intuitively,
mployers care about both observed and unobserved productivity when
aking hiring decisions. If the applications are of relatively high qual-

ty, signalling high observed productivity (as arguably is the case in our
etting), employers will want to avoid a large negative draw from the
istribution of unobserved productivity, since this would push overall
roductivity below the threshold at which an employee is worth hiring.
his will lead employers to prefer applicants from groups with lower
ariance in unobserved productivity. 
28 Estimates available upon request. 
29 It should also be noted that, as we’re now dividing the data into a larger 
umber of groups, precision is relatively low. 
30 We also estimate fully interacted models with region indicators. The baseline 
ifferences show up here too, in the intercept estimates, although the difference 
etween Stockholm and Gothenburg is quite imprecise. All interaction terms are 
mprecise and mostly not very large. 
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7 
Given the more stringent screening in traditional jobs compared to
ig jobs, a plausible assumption might be that the variance in unob-
erved productivity is lower in the former than the latter. This would
hen lead us to overestimate the difference in callback rates between
he gig and traditional experience treatments. 

Neumark (2012) proposes a test for this type of bias. Unfortunately,
he test requires access to a variable which affects perceived productivity
n the same way across treatment groups. Since we do not have such a
ariable in our data, we are unable to test this empirically. 31 

The differences between majority and minority applicants in the ef-
ects of work experience are striking but not entirely new in the liter-
ture. In particular, Arai et al. (2008) use a two-stage correspondence
tudy where in the first stage, employers are sent CVs of equal observ-
ble quality while in the second stage, the CVs with Arabic names are
iven an advantage of, on average, two more years of relevant work ex-
erience. Consistent with our findings, the call-back gap between male
pplicants with Swedish and Arabic-sounding names remains large and
ignificant despite a positive adjustment of CVs with Arabic names.
ahuc et al. (2021) conduct a correspondence study in the French labor
arket finding that high-school dropouts in France who exhibit a low

allback rate in response to their applications cannot improve this rate
y enhancing their labor market experience. We conclude from these
tudies and our findings that it is very difficult for groups with low call-
ack rates at baseline to improve their hiring prospects by acquiring
ore labor market experience. 

Our experiment was conducted during an economic boom. From a
heoretical perspective it is not clear how the state of the labor mar-
et would affect our findings. On the one hand, we may understate the
alue of contemporary employment, since employers are potentially less
elective in whom to invite for an interview when they struggle to fill
heir vacancies. 32 But employers may at the same time interpret un-
mployment, and potentially also participation in the gig-economy, as
 stronger signal about job-seeker (unobservable) productivity in tight
abor markets, which could enhance the signalling value of past experi-
nce. A few studies have considered how ethnic discrimination in hiring
aries with labor market tightness, but the findings are not conclusive.
aert et al. (2015) show that discrimination decreases in upturns in the
elgian labor market. In contrast, evidence in Kroft et al. (2013) as well
s Carlsson and Rooth (2007) show that the call-back gap with respect
o past unemployment and perceived background is higher in tight labor
arkets. 

. Concluding remarks 

Recently, one of Sweden’s leading newspapers published the follow-
ng quote from the Swedish Public Employment Services: 

The gig economy will help those who want a permanent position but
who have difficulty finding one, for example young people without
long experience and those newly arrived in Sweden. For them, it will
be easier to find a job in the gig economy and start building a résumé
that helps them find a permanent job. 33 

We conducted a field experiment to shed light on this question. More
pecifically, we sent almost ten thousand fictitious job applications to
ver three thousand employers looking to hire on the traditional labor
arket. By randomly varying the applicants’ work history, we estimate

he value of a gig-job compared to either unemployment or similar work
xperience from the traditional labor market (in terms of call backs). Our
ndings suggest that gig-experience raises the call back rate compared
31 We thank an anonymous referee for bringing this issue to our attention. 
32 This is in line with the model in Engbom (2021) , where the quality of the 
ool of applicants increases in booms, making firms less selective in hiring. 
33 Erik Sandström, head of digital services at the Swedish Public Employment 
ervices in Dagens Nyheter, February 25, 2018, authors’ translation. 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

t  

d  

t
 

p  

w  

i  

t  

t  

fl  

e
 

l  

fi  

o  

s  

S  

g  

m  

k  

e  

b  

t  

t  

b  

c  

e  

p  

t
 

i  

e  

t  

t  

r  

a

A

 

a  

o  

s  

t  

b  

c  

f  

(  

A  

d  

h  

e  

d  

o  

o  

e
 

t  

s  

l  

s  

p  

c
 

w  

o  

f  

P  

e  

f  

t  

o  

f  

a

A

T

2

N  

m  

(

o unemployment, although less so than similar experience from the tra-
itional labor market for young entry-level job applicants who belong to
he majority group (i.e., for applicants with Swedish-sounding names). 

For minority applicants, however, we find that neither gig work ex-
erience nor traditional experience enhance the call-back rate compared
ith contemporary unemployment. One potential reason for this result

s that employers have such strong negative priors against this group
hat higher qualifications in terms of more experience do not improve
he callback rate for minority workers. But the finding could also re-
ect an attenuation of negative signals from past unemployment/gig-
mployment when the candidate belongs to a minority. 

We are fully aware that our study has several limitations. First,
ike most correspondence studies we are not able to go beyond the
rst stage in the hiring process. Thus, we cannot conclude whether
ur results translate into differences in actual hiring rates between job-
eekers with different types of work experience/perceived background.
econd, it may be argued that the results are specific to the choice of
ig/traditional job included in the CV as well as to the Swedish labor
arket. While this is a valid concern, we believe that our focus on well-

nown companies that have operated in the market for quite some time
nhances the chances that prospective employers are able to distinguish
etween the gig- and traditional employers. If not, this would lead us
o underestimate the differences. In addition, previous studies suggest
hat the negative impact of unemployment, as well as the callback gap
etween minority and majority applicants, are rather similar in Sweden
ompared to, e.g., the US. Third, it should also be kept in mind that the
xperiment was conducted during an economic boom, when many em-
loyers are struggling to fill vacancies and it is a priori not clear how
his impacts our findings. 

Despite these shortcomings, we believe that our study provides a first
mportant piece of evidence about the value employers attach to gig-
xperience for minority and majority applicants. While we acknowledge
hat participating in the gig economy may provide earnings opportuni-
ies to individuals in the absence of other employment opportunities, our
esults give no support to the hypothesis that the gig-economy serves as
n important gate-way to traditional jobs for minority workers. 

ppendix A. further details about the data collection 

We restricted the sample to employers who had included an email
ddress in the job ad. If the employer had its own application procedure
n their external webpage, and informed about this in their email re-
ponse, we deleted the vacancy and thereafter excluded vacancies from
his company from the sampling frame. In total, 236 employers wrote
y email that they did not accept applications by email. During the data
ollection, more than 900 vacancies or 2,700 applications were deleted
or this reason. In May 2018 the EU General Data Protection Regulation
GDPR) came into force and replaced the Swedish Personal Data Act.
 number of employers stated that GDPR was the reason for why they
id not accept applications by email. With the GDPR, the restrictions on
ow companies could collect and process personal data were strength-
ned ( Datainspektionen, 2018 ). Companies that want to store personal
8 
ata on job applicants can choose to collect applications through their
wn web site, where they can provide information to the applicant and
btain consent more easily. This could possibly affect the selection of
mployers and hence the external validity of the study. 

Out of considerations for the employers, and in order not to reveal
he experiment, we avoided applying for more than one job at the same
mall company or local department of a large company. Similarly, for
arge companies with several departments or franchise chains, we let
ome time pass before applying to the second chain store or local de-
artment of a company in a city where we already sent one set of appli-
ations. 

In total, we sent 10,305 applications. Out of these, 117 applications
ere deleted because the applications were erroneously sent out with-
ut a lag in between them. A number of employers with a high demand
or labor or a high turnover repeatedly posted new job vacancies on
latsbanken . 129 applications (43 job ads) were sent by mistake to an
mail address that had already received a set of applications for a dif-
erent vacancy. We deleted both vacancies if the second set of applica-
ions was sent less than 30 days after the first set, otherwise we deleted
nly the second set of applications. 198 applications were deleted
or the aforementioned reason, leading to a final data set of 9,987
pplications. 

ppendix B. supplemental results 

able B1 

0 largest occupations. 

SSYK Occupation Share, percent 

941 Food Preparation Assistants 12.2 
534 Personal Care Workers in Health Services 9.4 
522 Shop Salespersons 8.2 
524 Other Sales Workers 7.7 
422 Client Information Workers 6.5 
513 Waiters and Bartenders 5.9 
911 Domestic, Hotel and Office Cleaners and Helpers 5.6 
411 Clerks and Secretaries 4.4 
332 Sales and Purchasing Agents and Brokers 4.4 
432 Material Recording and Transport Clerks 4.3 
531 Child Care Workers and Teachers’ Aides 3.2 
832 Car, Van and Motorcycle Drivers 2.3 
512 Cooks 1.6 
532 Personal Care Workers in Health Services 1.6 
912 Vehicle, Window, Laundry and Other Hand 

Cleaning Workers 
1.5 

351 Information and Communications Technology 
Operations and User Support Technicians 

1.3 

523 Cashiers and Ticket Clerks 1.1 
821 Assemblers 1.0 
611 Market Gardeners and Crop Growers 0.9 
962 Other Elementary Workers 0.9 

Other occupations 16.0 

ote: This table shows the fraction of applications sent for the 20 most com-
on occupation groups defined by three-digit Swedish Standard of Occupations

SSYK) code. 
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Table B2 

Number of applications by occupation. 

Swedish name Arabic name 

Occupation group Total Unempl. Gig. Trad. Unempl. Gig. Trad. 

Service, care and shop sales workers 4,101 686 685 675 681 682 692 
Elementary occupations 2,262 376 391 357 378 363 397 
Administration and customer service clerks 1,581 263 265 259 264 262 268 
Occupations requiring higher education qualifications or equivalent 729 123 125 121 120 118 122 
Building and manufacturing workers 564 92 94 86 96 94 102 
Mechanical manufacturing and transport workers, etc. 456 71 72 77 81 80 75 
Occupations requiring advanced level of higher education 162 27 28 30 27 26 24 
Agricultural, horticultural, forestry and fishery workers 120 25 18 22 15 22 18 
Managers 12 3 3 2 1 1 2 
Total 9,987 1,666 1,681 1,629 1,663 1,648 1,700 

Note: Cells show number of applications sent by one-digit Swedish Standard of Occupations (SSYK) group and treatment status. 

Table B3 

Callback rates by treatment status. 

Swedish name Arabic name 

Mean Std. dev. Obs. Mean Std. dev. Obs. 

Unemployed 17.3 37.8 1,666 10.6 30.8 1,663 
Gig 19.6 39.7 1,681 10.3 30.3 1,648 
Traditional 21.3 41 1,629 10.1 30.1 1,700 

Note: Cells show means, standard deviations, and number of observations 
for the callback variable by treatment status. Means and standard devia- 
tions have been scaled by 100 to correspond to percentage callback rates. 

Table B4 

Callback rates by treatment status, only first 8,001 observations. 

Swedish name Arabic name 

Mean Std. dev. Obs. Mean Std. dev. Obs. 

Unemployed 17.1 37.7 1,336 11.1 31.4 1,331 
Gig 20.7 40.5 1,359 10.3 30.4 1,308 
Traditional 21.8 41.3 1,309 9.94 29.9 1,358 

Note: Cells show means, standard deviations, and number of observations 
for the callback variable by treatment status. Means and standard devia- 
tions have been scaled by 100 to correspond to percentage callback rates. 
Sample is restricted to the first 8,001 observations sent. 

Table B5 

Main results, only first 8,001 applications. 

(1) (2) (3) (4) 

Traditional work experience 1.61 1.61 4.63 3.58 
(0.68) (0.68) (1.37) (1.16) 

Gig experience 1.46 1.46 3.54 2.44 
(0.70) (0.70) (1.35) (1.18) 

Arabic-sounding name –6.02 –7.02 
(1.34) (1.15) 

Arabic × Traditional –5.81 -3.72 
(2.04) (1.67) 

Arabic x Gig –4.33 –2.12 
(2.02) (1.67) 

Intercept 14.14 17.14 
(0.67) (1.03) 

P-value, 𝐻 0 : Trad. = Gig 0.83 0.83 0.43 0.33 
Vacancy and application fixed effects No Yes No Yes 
Observations 8,001 8,001 8,001 8,001 
𝑅 2 0.000 0.666 0.019 0.680 

Note: Dependent variable is an indicator for receiving a callback from the 
employer. Standard errors in parentheses are clustered by vacancy. All co- 
efficients and standard errors have been multiplied by 100. Columns (2) 
and (4) include 2,667 vacancy fixed effects and 9 application template 
fixed effects. The P-value row shows p-values from Wald tests of difference 
between the traditional and gig work coefficients. Overall callback rate is 
15.2 percent. Sample is restricted to the first 8,001 observations sent. 

Table B6 

Callback rates by treatment status, narrow definition of callback. 

Swedish name Arabic name 

Mean Std. dev. Obs. Mean Std. dev. Obs. 

Unemployed 14.4 35.1 1,666 8.36 27.7 1,663 
Gig 16.6 37.2 1,681 8.8 28.3 1,648 
Traditional 18.2 38.6 1,629 7.88 27 1,700 

Note: Cells show means, standard deviations, and number of observations 
for the narrow callback variable by treatment status. Means and standard 
deviations have been scaled by 100 to correspond to percentage callback 
rates. 

Table B7 

Main results, narrow definition of callback. 

(1) (2) (3) (4) 

Traditional work experience 1.56 1.57 3.83 2.68 
(0.56) (0.56) (1.14) (0.95) 

Gig experience 1.35 1.35 2.19 1.98 
(0.58) (0.58) (1.12) (0.95) 

Arabic-sounding name –6.05 -6.75 
(1.10) (0.94) 

Arabic × Traditional –4.30 -2.03 
(1.67) (1.36) 

Arabic x Gig –1.75 -1.33 
(1.65) (1.34) 

Intercept 11.38 14.41 
(0.55) (0.86) 

P-value, 𝐻 0 : Trad. = Gig 0.72 0.71 0.16 0.46 
Vacancy and application fixed effects No Yes No Yes 
Observations 9,987 9,987 9,987 9,987 
𝑅 2 0.000 0.666 0.016 0.679 

Note: Dependent variable is an indicator for receiving a callback from the 
employer, using the narrow definition of a callback. Standard errors in 
parentheses are clustered by vacancy. All coefficients and standard er- 
rors have been multiplied by 100. Columns (2) and (4) include 3,329 va- 
cancy fixed effects and 9 application template fixed effects. The P-value 

row shows p -values from Wald tests of difference between the traditional 
and gig work coefficients. Overall callback rate is 12.4%. 

9 
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position. Note: Bars show callback rates with 95% confidence 
intervals for each treatment group, separately by the compo- 
sition of name treatments sent to the vacancy. 

Fig. B2. Callback rates by treatment status and application 
rank. Note: Bars show callback rates with 95 percent confi- 
dence intervals for each treatment group, separately by the 
order in which the application was sent to the vacancy. 
10 
Fig. B1. Callback rates by treatment status and name com-
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Below we include three examples of personal letters and CVs for vac
ut with region-appropriate home addresses, schools, and workplace pr

Each of the three CV types were combined with all three experien
reatment, CV type 2 with the gig job treatment, and CV type 3 with 
first_name}, {last_name}, {phone}, and {email}. The job title of the va

We have marked the places were we signal the primary treatment (e
Note that the letters and CVs have been machine translated, with s

ignal the layout and content, but not the tone of writing, of the applica
quare brackets (such as a “[high school] ” or “[restaurant] ”), in order t

We also include the untranslated originals in Swedish. 
11 
Fig. B3. Callback rates by treatment status and region. Note:

Bars show callback rates with 95% confidence intervals for
each treatment group, separately by region. 

s in the Stockholm region (CVs for Gothenburg and Malmö are similar,
e locations). 
eatments. The examples below show CV type 1 with the unemployed

aditional job treatment. The four identities were inserted in the fields
 was inserted in the field {occupation}. 

ience) using red squares. 
manual adjustments, from Swedish to English. They are thus meant to
. In some places, we have placed short explanations of certain names in
p non-Swedish readers understand the context of the applications. 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

12 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

13 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

14 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

15 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

16 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

17 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

18 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

19 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

20 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

21 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

22 



A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

References 

Abraham, K.G., Haltiwanger, J.C., Sandusky, K., Spletzer, J.R., 2021. Measuring the gig 
economy: current knowledge and open issues. In: Corrado, C., Haskel, J., Miranda, J., 
Sichel, D. (Eds.), Measuring and Accounting for Innovation in the Twenty-First Cen- 
tury. In: NBER Studies in Income and Wealth, Vol. 78. University of Chicago Press, 
Chicago, pp. 257–298 . 

Ahmed, A.M., 2005. Essays on the Behavioral Economics of Discrimination. Växjö Univer- 
sity, Växjö Ph.D. Thesis . 

Aigner, D.J., Cain, G.G., 1977. Statistical theories of discrimination in labor markets. Ind. 
Labor Relat. Rev. 30 (2), 175–187. doi: 10.2307/2522871 . 

Arai, M., Bursell, M., Nekby, L., 2008. Between Meritocracy and Ethnic Discrimination: 
The Gender Difference. IZA Discussion Paper. Institute of Labor Economics (IZA) . 

Arbetsförmedlingen, 2018. Arbetsmarknadsrapport 2018. Report.Stockholm . 
Arbetsmarknadsekonomiska Rå det, 2018. Olika Vägar till Jobb. Arbetsmarknad- 

sekonomisk Rapport. Stockholm . 
Åslund, O., Nordström Skans, O., 2012. Do anonymous job application procedures level 

the playing field? ILR Rev. 65 (1), 82–107. doi: 10.1177/001979391206500105 . 
Autor, D.H., Houseman, S.N., 2010. Do temporary-help jobs improve labor market out- 

comes for low-skilled workers? evidence from ”work first ”. Am. Econ. J. Appl. Econ. 
2 (3), 96–128. doi: 10.1257/app.2.3.96 . 

Baert, S., Cockx, B., Gheyle, N., Vandamme, C., 2015. Is there less discrimina- 
tion in occupations where recruitment is difficult? ILR Rev. 68 (3), 467–500. 
doi: 10.1177/0019793915570873 . 

Behaghel, L., Crépon, B., Le Barbanchon, T., 2015. Unintended effects of anonymous ré- 
sumés. Am. Econ. J. Appl. Econ. 7 (3), 1–27. doi: 10.1257/app.20140185 . 

Berg, J., Furrer, M., Harmon, E., Rani, U., Silberman, M.S., 2018. Digital Labour Plat- 
forms and the Future of Work: Towards Decent Work in the Online World. Report. 
International Labour Organization, Geneva . 

Boeri, T., Giupponi, G., Krueger, A.B., Machin, S., 2020. Solo self-employment and alter- 
native work arrangements: a cross-country perspective on the changing composition 
of jobs. J. Econ. Perspect. 34 (1), 170–195. doi: 10.1257/jep.34.1.170 . 

Boeri, T., Giupponi, G., Krueger, A. B., Machin, S. J., 2018. Social Protection for Indepen- 
dent Workers in the Digital Age. 

Booth, A.L., Leigh, A., Varganova, E., 2012. Does ethnic discrimination vary across minor- 
ity groups? evidence from a field experiment. Oxf. Bull. Econ. Stat. 74 (4), 547–573. 
doi: 10.1111/j.1468-0084.2011.00664.x . 

Bursell, M., 2007. What’s in a Name? A Field Experiment Test for the Existence of Ethnic 
Discrimination in the Hiring Process. SULCIS Working Paper. Stockholm University, 
Linnaeus Center for Integration Studies, Stockholm . 

Cahuc, P., Carcillo, S., Minea, A., 2021. The difficult school-to-work transition of high 
school dropouts: evidence from a field experiment. J. Hum. Resour. 56 (1), 159–183. 
doi: 10.3368/jhr.56.1.0617-8894R2 . 

23 

http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0001
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0002
https://doi.org/10.2307/2522871
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0004
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0005
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0006
https://doi.org/10.1177/001979391206500105
https://doi.org/10.1257/app.2.3.96
https://doi.org/10.1177/0019793915570873
https://doi.org/10.1257/app.20140185
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0011
https://doi.org/10.1257/jep.34.1.170
https://doi.org/10.1111/j.1468-0084.2011.00664.x
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0015
https://doi.org/10.3368/jhr.56.1.0617-8894R2


A. Adermon and L. Hensvik Labour Economics 76 (2022) 102171 

Carlsson, M., 2010. Experimental evidence of discrimination in the hiring 
of first- and second-generation immigrants. LABOUR 24 (3), 263–278. 
doi: 10.1111/j.1467-9914.2010.00482.x . 

Carlsson, M., Rooth, D.-O., 2007. Evidence of ethnic discrimination in the 
Swedish labor market using experimental data. Labour Econ. 14 (4), 716–729. 
doi: 10.1016/j.labeco.2007.05.001 . 

Chen, M.K., Chevalier, J.A., Rossi, P.E., Oehlsen, E., 2019. The value of flexible work: evi- 
dence from uber drivers. J. Political Econ. 127 (6), 2735–2794. doi: 10.1086/702171 . 

Collins, B., Garin, A., Jackson, E., Koustas, D., Payne, M., 2019. Is Gig Work Replacing 
Traditional Employment? Evidence from Two Decades of Tax Returns. SOI Working 
Paper . 

Datainspektionen, 2018. Enkla Grunder i Dataskydd. Infographic. Stockholm . 
Datta, N., 2019. Willing to Pay for Security: A Discrete Choice Experiment to Analyse 

Labour Supply Preferences. Discussion Paper. Centre for Economic Performance . 
Drydakis, N., Vlassis, M., 2010. Ethnic discrimination in the greek labour market: occu- 

pational access, insurance coverage and wage offers. Manch. Sch. 78 (3), 201–218. 
doi: 10.1111/j.1467-9957.2009.02132.x . 

Engbom, N., 2021. Contagious Unemployment. Working Paper. National Bureau of Eco- 
nomic Research doi: 10.3386/w28829 . 

Engdahl, M., Forslund, A., 2016. En Förlorad Generation? Om Ungas Etablering På Ar- 
betsmarknaden. Rapport. IFAU, Uppsala . 

Eriksson, S., Lagerström, J., 2012. Detecting discrimination in the hiring process: ev- 
idence from an internet-based search channel. Empir. Econ. 43 (2), 537–563. 
doi: 10.1007/s00181-011-0496-6 . 

Eriksson, S., Rooth, D.-O., 2014. Do employers use unemployment as a sorting criterion 
when hiring? evidence from a field experiment. Am. Econ. Rev. 104 (3), 1014–1039. 
doi: 10.1257/aer.104.3.1014 . 

Farber, H.S., Herbst, C.M., Silverman, D., von Wachter, T., 2019. Whom do employers 
want? the role of recent employment and unemployment status and age. J. Labor 
Econ. 37 (2), 323–349. doi: 10.1086/700184 . 

Farber, H.S., Silverman, D., von Wachter, T., 2016. Determinants of callbacks 
to job applications: an audit study. Am. Econ. Rev. 106 (5), 314–318. 
doi: 10.1257/aer.p20161010 . 

Farrell, D., Greig, F., 2016. The Online Platform Economy: What Is the Growth Trajectory? 
Insights. JPMorgan Chase Institute . 

Farrell, D., Greig, F., 2016. Paychecks, Paydays, and the Online Platform Economy: Big 
Data on Income Volatility. Technical Report. JPMorgan Chase Institute . 

Fibbi, R., Lerch, M., Wanner, P., 2006. Unemployment and discrimination against youth 
of immigrant origin in Switzerland: when the name makes the difference. J. Int. Migr. 
Integr. 7 (3), 351–366. doi: 10.1007/s12134-006-1017-x . 

Forslund, A., Hensvik, L., Nordström Skans, O., Westerberg, A., 2012. Kollektivavtalen 
Och Ungdomarnas Faktiska Begynnelselöner. Rapport. IFAU, Uppsala . 

Förster, M., Llena-Nozal, A., Thévenot, C., 2017. Understanding the Socio-Economic Di- 
vide in Europe. Background Report. OECD - Centre for Opportunity and Equality . 

Hall, J.V., Krueger, A.B., 2018. An analysis of the labor market for Uber’s driver-partners 
in the United States. ILR Rev. 71 (3), 705–732. doi: 10.1177/0019793917717222 . 

Heckman, J.J., 1998. Detecting discrimination. J. Econ. Perspect. 12 (2), 101–116. 
doi: 10.1257/jep.12.2.101 . 

Hensvik, L., Nordström Skans, O., 2014. Networks and youth labor market entry. In: 
Rosholm, M., Svarer, M. (Eds.), Youth Unemployment. Nordic Council of Ministers, 
Copenhagen . Vol. 1 / 2014 of Nordic Economic Policy Review, pp. 81–118. DOI: 
10.6027/US2014-416 

Hensvik, L., Nordström Skans, O., 2016. Social networks, employee selection, and labor 
market outcomes. J. Labor Econ. 34 (4), 825–867. doi: 10.1086/686253 . 

Holm, H.J., 2001. What’s in a Name? An Ethnical Discrimination Experiment. Working 
Paper. Lund University, Department of Economics, Lund . 

Huws, U., Spencer, N.H., Joyce, S., 2016. Crowd Work in Europe: Preliminary Results 
from a Survey in the UK, Sweden, Germany, Austria and the Netherlands. First Draft 
Report. FEPS/UNI-Europa . 

Jackson, E., 2020. Availability of the Gig Economy and Long Run Labor Supply Effects for 
the Unemployed. 

Kaas, L., Manger, C., 2012. Ethnic discrimination in Germany’s labour market: a field 
experiment. Ger. Econ. Rev. 13 (1), 1–20. doi: 10.1111/j.1468-0475.2011.00538.x . 

Katz, L.F., Krueger, A.B., 2017. The role of unemployment in the rise in alternative work 
arrangements. Am. Econ. Rev. 107 (5), 388–392. doi: 10.1257/aer.p20171092 . 

Katz, L.F., Krueger, A.B., 2019. Understanding trends in alternative work arrange- 
ments in the United States. RSF Russell Sage Found. J. Soc. Sci. 5 (5), 132–146. 
doi: 10.7758/RSF.2019.5.5.07 . 

Koustas, D.K., 2019. What do big data tell us about why people take gig economy jobs? 
AEA Pap. Proc. 109, 367–371. doi: 10.1257/pandp.20191041 . 

Kramarz, F., Nordström Skans, O., 2014. When strong ties are strong: networks and youth 
labour market entry. Rev. Econ. Stud. 81 (3), 1164–1200. doi: 10.1093/restud/rdt049 . 

Kroft, K., Lange, F., Notowidigdo, M.J., 2013. Duration dependence and labor mar- 
ket conditions: evidence from a field experiment. Q. J. Econ. 128 (3), 1123–1167. 
doi: 10.1093/qje/qjt015 . 

Mas, A., Pallais, A., 2017. Valuing alternative work arrangements. Am. Econ. Rev. 107 
(12), 3722–3759. doi: 10.1257/aer.20161500 . 

Midtbøen, A.H., 2016. Discrimination of the second generation: evidence 
from a field experiment in Norway. J Int Migr Integr 17 (1), 253–272. 
doi: 10.1007/s12134-014-0406-9 . 

Ministry of Employment, 2017. Ett Arbetsliv i Förändring – Hur På verkas Ansvaret För 
Arbetsmiljön? SOU. Ministry of Employment, Stockholm . 

Minter, K., 2017. Negotiating labour standards in the gig economy: Airtasker 
and Unions New South Wales. Econ. Labour Relat. Rev. 28 (3), 438–454. 
doi: 10.1177/1035304617724305 . 

Neumark, D., 2012. Detecting discrimination in audit and correspondence studies. J. Hum. 
Resour. 47 (4), 1128–1157. doi: 10.3368/jhr.47.4.1128 . 

Nordström Skans, O., Eriksson, S., Hensvik, L., 2017. SNS economic policy council report 
2017. policies for an inclusive Swedish labor market. SNS, Stockholm . 

Nunley, J.M., Pugh, A., Romero, N., Seals, R.A., 2017. The effects of unemployment 
and underemployment on employment opportunities: results from a correspon- 
dence audit of the labor market for college graduates. ILR Rev. 70 (3), 642–669. 
doi: 10.1177/0019793916654686 . 

Riach, P.A., Rich, J., 2002. Field experiments of discrimination in the market place. Econ. 
J. 112 (483), F480–F518. doi: 10.1111/1468-0297.00080 . 

Schwellnus, C., Geva, A., Mathilde, P., Veiel, R., 2019. Gig Economy Platforms: Boon or 
Bane? Economics Department Working Papers. OECD . 

Statistics Sweden, 2020. Inträdet på arbetsmarknaden efter gymnasieskolan. Government 
Report. Stockholm . 

Stewart, A., Stanford, J., 2017. Regulating work in the gig economy: what are the options? 
Econ. Labour Relat. Rev. 28 (3), 420–437. doi: 10.1177/1035304617722461 . 

Wood, M., Hales, J., Purdon, S., Sejersen, T., Hayllar, O., 2009. A Test for Racial Dis- 
crimination in Recruitment Practice in British Cities. Research Report. Department 
for Work and Pensions . 

24 

https://doi.org/10.1111/j.1467-9914.2010.00482.x
https://doi.org/10.1016/j.labeco.2007.05.001
https://doi.org/10.1086/702171
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0020
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0021
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0022
https://doi.org/10.1111/j.1467-9957.2009.02132.x
https://doi.org/10.3386/w28829
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0025
https://doi.org/10.1007/s00181-011-0496-6
https://doi.org/10.1257/aer.104.3.1014
https://doi.org/10.1086/700184
https://doi.org/10.1257/aer.p20161010
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0030
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0031
https://doi.org/10.1007/s12134-006-1017-x
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0033
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0034
https://doi.org/10.1177/0019793917717222
https://doi.org/10.1257/jep.12.2.101
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0037
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0037
https://doi.org/10.1086/686253
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0039
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0040
https://doi.org/10.1111/j.1468-0475.2011.00538.x
https://doi.org/10.1257/aer.p20171092
https://doi.org/10.7758/RSF.2019.5.5.07
https://doi.org/10.1257/pandp.20191041
https://doi.org/10.1093/restud/rdt049
https://doi.org/10.1093/qje/qjt015
https://doi.org/10.1257/aer.20161500
https://doi.org/10.1007/s12134-014-0406-9
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0050
https://doi.org/10.1177/1035304617724305
https://doi.org/10.3368/jhr.47.4.1128
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0053
https://doi.org/10.1177/0019793916654686
https://doi.org/10.1111/1468-0297.00080
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0056
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0057
https://doi.org/10.1177/1035304617722461
http://refhub.elsevier.com/S0927-5371(22)00062-8/sbref0059

	Gig-jobs: Stepping stones or dead ends?
	1 Introduction
	2 Related literature
	3 Background: the labor market and gig economy in Sweden
	4 Experimental design
	4.1 The choice of job vacancies
	4.2 Details about the fictitious applicants
	4.3 Definition of treatment
	4.4 Randomization procedure
	4.5 Definition of callback

	5 Estimation and results
	5.1 Identification and estimation
	5.2 Results
	5.3 Robustness
	5.4 Discussion

	6 Concluding remarks
	Appendix A further details about the data collection
	Appendix B supplemental results
	Appendix C example CVs
	References


