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i n f o

a b s t r a c t
How useful is work experience from the gig economy for labor market entrants searching for traditional wage
jobs? We conducted a correspondence study in Sweden, comparing callback rates for recent high school graduates
with (i) gig-experience, (ii) traditional experience, and (iii) unemployment history. We also study heterogeneous
responses with respect to perceived foreign background. Our ﬁndings suggest that gig-experience is more valuable
than unemployment, but less useful than traditional experience for majority applicants. Strikingly however, no
form of labor market experience increases the callback rate for minority workers.

1. Introduction
In many countries, the labor market has become polarized, with
marginal groups ﬁnding it increasingly diﬃcult to ﬁnd employment.
In particular, low-skilled youth and migrants from refugee countries
make up a large and increasing share of the unemployed (Förster et al.,
2017). In parallel, there is a rise of a new form of non-traditional
work—gig jobs—with considerably lower entry barriers compared to
most traditional wage jobs.3 An important question is therefore if
these easily accessible—but low-paying—jobs provide labor market experience that is useful for marginal groups on the traditional labor
market.
In this paper, we shed light on this question by studying how employers hiring on the traditional labor market value work experience from
the gig-economy. We conducted a correspondence study in the Swedish
labor market, submitting ﬁctitious applications to entry-level vacancies.
We compare the number of positive responses from employers for young
applicants currently (i) employed by a well-known gig company; (ii)

employed in a similar job in the traditional labor market; and (iii) in an
ongoing unemployment spell lasting 7–15 months. We focus on young
applicants since we are interested in the value of gig-job experience for
labor market entrants. We also study the heterogeneous responses for
applicants with Swedish vs. Arabic-sounding names, since abundant evidence shows that the latter group experiences particular diﬃculties of
ﬁnding jobs on the traditional labor market. The choice of applicants is
also relevant since youths and immigrant males are overrepresented in
the gig-economy in our context (see Section 3).
Compared to unemployment, gig-experience could send a positive
signal to employers about applicants’ motivation and eﬀort. But, the
low entry barriers in gig jobs, which are rarely preceded by a formal
screening process, may lower the information value of such past work
experience. Gig-experience could also signal a lack of options on the
traditional labor market, and the solitary nature of many gig-jobs may
make it more diﬃcult for employers to verify the work experience. A
priori, it is thus not clear how employers perceive experience from the
gig economy, and consequently if gig-jobs are useful as stepping stones
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to traditional employment or if workers are involuntarily stuck in these
lower-paying working arrangements.4
Our ﬁndings suggest that for natives, experience in a gig job increases the call-back rate from employers compared to unemployment,
but not as much as similar experience in the traditional labor market.
More speciﬁcally, we ﬁnd that gig-experience improves the contact rate
by around 2 percentage points (or 11%) compared to unemployment,
while the impact of traditional experience is about twice as large. While
this pattern suggests that participation in the gig-economy can lead to
a slight improvement on the traditional labor market for the majority
group (compared to unemployment), some caution is warranted, as only
the diﬀerence between traditional employment and unemployment is
statistically signiﬁcant at the 5% level.
Consistent with prior evidence from Sweden and elsewhere, we ﬁnd
that the callback rate of applicants with Swedish-sounding names is
almost twice as high as the callback rate of applicants with Arabicsounding names, indicating substantial ethnic discrimination in the
Swedish labor market. The average callback rate across all three experience treatments is 10% for applicants with Arabic-sounding names,
and 19% for applicants with Swedish-sounding names. But in stark contrast to the ﬁndings for the majority group, we ﬁnd that no form of
labor market experience (neither gig- or traditional employment experience) increases the call-back rate compared to unemployment for applicants with Arabic-sounding names. This striking result is consistent
with employers having such strong negative priors against this group
that higher qualiﬁcations in terms of more experience do not improve
the call-back rate. But it could also reﬂect that recruiters internalize the
perceived circumstances faced by the job candidates (e.g., adverse labor
market conditions for minorities), generating a less negative signal from
past unemployment when the candidate belongs to a minority.5 While
we have to leave further exploration of these mechanisms to future research, we conclude from our ﬁndings that gig-jobs do not seem to be
an important stepping stone to traditional wage jobs for this group.
Our paper contributes to a growing literature (summarized in
Section 2) on the extent and role of non-traditional work arrangements.
Recent studies, mainly focusing on taxi drivers, suggest that workers
value the ﬂexibility and independence of gig-jobs (Chen et al., 2019;
Hall and Krueger, 2018). At the same time, several studies indicate that
many temporary and on-call workers would prefer permanent employment with regularly scheduled hours to their current employment arrangements (Boeri et al., 2020; Datta, 2019; Mas and Pallais, 2017).
Despite this, the question of how participation in the gig-economy
impacts workers’ future labor market prospects has received surprisingly
little attention. One reason is that gig-workers are diﬃcult to identify
in existing data sources (see Abraham et al., 2021, for a detailed discussion about measurement of non-traditional workers). However, even if
participants in the gig-economy were easily distinguishable from other
types of workers, an inherent concern is that it is diﬃcult to separate
the eﬀects of working in a gig-job from the eﬀects of other important
worker characteristics which are observed by the recruiting ﬁrms but
not by the researcher, potentially leading to biased estimates due to
unobserved heterogeneity. In a recent study, Jackson (2020) combines
variation in gig worker demand driven by the geographic roll-out of gig
economy platforms, and individuals’ propensity for gig work to estimate

the impact of gig work opportunities following job loss. Her results suggest that unemployed workers experience lower earnings losses in the
short run, but that the availability of gig jobs is associated with earnings
losses two to four years later.6 In relation to our study she also ﬁnds that
take-up of platform-based gig work after unemployment leads to lower
re-employment rates. Our main contribution is to document precisely
the return to gig-experience in the job search process.
We also relate closely to the literature using correspondence experiments to estimate the impact of past unemployment and type of work
on the likelihood of being contacted by employers (e.g., Eriksson and
Rooth, 2014; Farber et al., 2019; Kroft et al., 2013). To our knowledge,
this is the ﬁrst paper in this vein to inform about employers’ valuation
of gig vs. traditional wage job experience.
The paper is structured as follows: Section 2 gives an overview of
the relevant literature; Section 3 provides a short description of the
context—the Swedish labor market; Section 4 describes the experiment; Section 5 presents the empirical model and main results; and
Section 6 concludes.

2. Related literature
Research on gig-workers is still relatively limited, but evidence suggests that some workers value the ﬂexibility and independence of gigjobs (Chen et al., 2019; Hall and Krueger, 2018). At the same time,
there is a growing number of studies indicating that some groups engaged in non-traditional work would prefer permanent employment to
their current jobs. In particular, Boeri et al. (2018) show that newly selfemployed workers, and in particular gig workers, would like to work
more hours. Their study is based on survey data across the US, UK, and
Italy, suggesting that almost 20% of the gig-workers in Italy, and 10–
15% in the UK state that working in the gig-economy is their only option. Datta (2019) uses an experimental design based on vignettes to
estimate the willingness-to-pay over some of the most important characteristics of typical and atypical work arrangements (wage, longevity,
holiday and sick pay eligibility, ﬂexibility of work hours, ﬂexibility
to work from home, ability to choose tasks performed on-the-job and
tax implications). He shows that attributes typically associated with
traditional employer-employee relationships are by far the most valued, and that these preferences hold even when analysing just the subsample of those in atypical work arrangements.7 Furthermore, Katz and
Krueger (2017) show that workers with prior unemployment histories
are over-represented in alternative work arrangements, and that workers in non-traditional jobs earn considerably less per week than do regular employees with similar characteristics and in similar occupations.
On the employer side, several papers have studied the impact of unemployment history on the likelihood of being contacted by employers.
These suggest that employers recruiting to low-skilled jobs are insensitive to short unemployment spells but react negatively to longer ones
(Eriksson and Rooth, 2014; Farber et al., 2019; Kroft et al., 2013). In
particular, Eriksson and Rooth (2014) suggests that the callback rate is
reduced by about 20% for young, relatively well-qualiﬁed applicants for
low skilled jobs in Sweden if they have been unemployed for at least 9
months. An interesting exception is Cahuc et al. (2021), who ﬁnd no
detrimental eﬀects of past unemployment on the likelihood of being

4
Gig-jobs may in addition displace alternative job-search or skill building
activities that might have larger long-run payoﬀs. They are also less likely to
provide the sort of social networks that have been shown to help especially
young workers ﬁnd employment (Hensvik and Nordström Skans, 2014; 2016;
Kramarz and Nordström Skans, 2014).
5 This mechanism is consistent with statistical discrimination models (e.g.,
Aigner and Cain, 1977) in which the returns to applicant characteristics
depend on their majority or minority status. It is also consistent with
Behaghel et al. (2015), who study anonymous résumés to show that interrupted
labor market histories (possibly signaling unemployment spells) are strongly
negatively valued for majority candidates but not for minority candidates.

6 Consistent with this, Koustas (2019) uses personal ﬁnance data to show that
household income and assets decline prior to entering the gig-economy; and
Autor and Houseman (2010) show that temporary-help job placements yield
earnings gains in the short-run, but these gains are oﬀset by lower earnings and
less frequent employment in the longer run.
7
Related to this, Mas and Pallais (2017) use a discrete choice experiment
among applicants during the hiring process for a call centre in the US to estimate the willingness-to-pay distribution for ﬂexibility attributes for jobs, such
as ﬂexibility of hours and work location. They ﬁnd that the majority of workers
are not willing to pay for ﬂexible work arrangements.
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called back by employers for high-school dropouts in the French labor
market.
While no previous study has estimated the value of gig-experience
on the likelihood of being contacted by employers, a few papers have
looked at other aspects of the type of work experience included in the
CV. Farber et al. (2016) and Farber et al. (2019) show that experience
from low-level interim jobs lowers the callback rate for college educated
women in the US. In addition, Nunley et al. (2017) show that underemployment is associated with lower callback rates for college educated
job applicants. While related, these studies do not focus explicitly on
gig jobs and also pertain to a diﬀerent segment of the labor market.

graduates had some form of gig experience, and the majority of those
with gig experience were males (Statistics Sweden, 2020). Overall, these
results indicate that a non-trivial share of young people experience difﬁculties upon labor market entry, and that the fraction of youth using
the gig economy is similar to the fraction in the overall working age
population.
4. Experimental design
Our study was conducted from March to October 2018. The Swedish
economy was in a boom during this period, with an unemployment rate
of around 6% and high labor demand (Arbetsförmedlingen, 2018).
The experiment was concentrated to the three largest cities of Sweden: Stockholm, Gothenburg and Malmö, because gig-economy jobs are
relatively common there.9 In total, we sent approximately 10,000 job
applications to 3,300 job vacancies posted at Sweden’s largest job board
Platsbanken.10 The applications were sent by email and employer responses were registered through telephone and email. To reduce the
inconvenience experienced by the employer, all invitations to job interviews were immediately declined.

3. Background: the labor market and gig economy in Sweden
The Swedish labor market is generally characterized by high labor
force participation and employment rates by international standards.
Unemployment among prime-aged workers is low, but low-performing
youths and migrants from refugee countries make up a large and increasing share of the unemployed. Wages are more compressed in Sweden than in other EU countries, and minimum wages are particularly
binding for young workers (Forslund et al., 2012). The fraction of entrylevel jobs (i.e., those considered to be low-qualiﬁed) is lower than in any
other EU country. Earnings diﬀerentials between the employed and the
non-employed have increased dramatically since the beginning of the
century. One major reason is that transfers to the non-employed have increased at a slower rate than wages. This means that there are strong incentives to ﬁnd employment in Sweden, but also that the consequences
for failing to enter the labor market can be severe (Nordström Skans
et al., 2017).
Around one ﬁfth of the Swedish population is foreign born, and in
2018, a quarter of the foreign-born population was from an Arab League
member country (Statistics Sweden). Correspondence studies from Sweden suggest that the callback-rate of job applicants is twice as high for
natives as for perceived immigrants. This eﬀect appears very similar for
ﬁrst- and second generation immigrants (Carlsson, 2010).8
Estimates of the size of the Swedish gig-economy vary across studies. Survey evidence in Huws et al. (2016) suggest that about twelve
percent of all persons aged 16–65 in Sweden have worked through an
online platform. Among these, a quarter reported the gig job as their
main or single source of income. Another survey indicates that around
four percent of working age Swedes had tried to get an assignment via
a digital platform in 2016. Applying for gig-jobs through digital platforms was more common among men, youth, and people born outside
of Sweden (Ministry of Employment, 2017). While it is hard to compare estimates of the size of the gig-economy across countries as they
vary in representativeness, deﬁnitions and measurement, the most reliable estimates suggest that gig economy platforms’ employment share
ranges between 1 and 3% of total employment in most western countries
(Schwellnus et al., 2019).
Particularly useful for our study is a survey to high school graduates
conducted by Statistics Sweden in 2020. The survey targeted a random
sample of students who graduated in the Spring term of 2017, which
is the graduation cohort of our ﬁctitious applicants. Three years after
completing high school, around 70% of students from vocational programs (as our ﬁctitious applicants) reported work as their main activity
and 50% had a job that was fully, or partly, in line with their program
orientation. Furthermore, four out of ten graduates overall and ﬁve out
of ten graduates with immigrant background had at least one unemployment spell during the follow-up period. Finally, four percent of the

4.1. The choice of job vacancies
The job vacancies chosen were low-skilled jobs, i.e., jobs without
requirements of previous experience or post-secondary education. This
choice was motivated by our focus on the usefulness of non-traditional
work experience for entry into the traditional labor market. To this end,
we sampled all employers in Stockholm, Gothenburg, and Malmö who
posted vacancies without requirements of previous experience or postsecondary education on the Swedish job board Platsbanken. The experience requirement was indicated by the employers when uploading a job
ad and could easily be ﬁltered out by job seekers using the job board.
The education requirement was speciﬁed in the text of the job ad.
Applications were sent by email. This implies that we restricted the
sample to all vacancies that included an email-address in the job ad. Employers with their own application procedure on their external webpage
were disregarded.11 Our ﬁnal data set consists of 9,987 applications.
Fig. 1 shows the distribution of our applications over broad occupation
groups deﬁned by the ﬁrst digit in the Swedish Standard of Occupations
(SSYK). The vast majority (almost 80%) of applications were sent to jobs
belonging to the broad occupation groups “Service- and shop sales”, “Elementary occupations”, and “Clerks”.12 In Appendix Table B.1, we also
show the 20 most common occupations at the 3-digit occupation level.
4.2. Details about the ﬁctitious applicants
Since we are interested in the value of participation in the gigeconomy for labor market entry on the traditional labor market, we
designed job applications for young workers who search for a job a year
after high school graduation. We also chose to focus on male applicants
since men comprise the majority of the workers in the gig-economy.13
9
We included all municipalities in the regional labor markets of each city,
classiﬁed by Statistics Sweden.
10
In our pre-analysis plan we speciﬁed a sample of 8,000 applications. Because the data collection went faster than expected, we decided to extend the
experiment to 10,000 applications. This did not change our results in any substantial way — see Section 5.3, and the AEA RCT Registry, registration number
AEARCTR-0002766, for further details.
11
In the end, we applied to approximately 12 percent of all job ads posted
on Platsbanken that fulﬁlled the occupation and experience criteria. See
Appendix A for additional details about data restrictions and construction.
12
The group elementary occupations includes jobs as helpers and cleaners,
helpers in restaurants, doorkeepers, newspaper and package deliverers, garbage
collectors, mining and construction laborers, manufacturing laborers and transport laborers.

8 For further evidence see Carlsson and Rooth (2007) and Bursell (2007) for
correspondence studies on the Swedish labor market; Holm (2001) and
Ahmed (2005) for evidence from laboratory experiments; Eriksson and Lagerström (2012), who use an internet-based job search channel; and Åslund and
Nordström Skans (2012) for evidence from anonymous job application procedures.

3

A. Adermon and L. Hensvik

Labour Economics 76 (2022) 102171

ated four applicant identities, which each comprised a name, an email
address, and a phone number.15
The applications were sent with a lag of one day between them,
weekends excluded. To increase the probability that the employers read
the applications they were sent close to the date the vacancy ad was published. The ﬁrst application was normally sent out the ﬁrst or second day
(weekends excluded) after the job ad was uploaded on Platsbanken.

4.3. Deﬁnition of treatment
We randomly assigned ﬁctitious job applicants into (i) 7–15 months
of non-traditional work experience in the gig-economy; (ii) 7–15 months
of traditional work experience; or (iii) 7–15 months of unemployment. The 7–15 months duration corresponds to the time elapsed from
August in the year of graduation to the start/end month of the experiment (March to October 2018). Survival analysis in Eriksson and
Rooth (2014) suggests that after nine months, around 70% of low-skilled
youth have left unemployment for work. In addition, their estimates suggest that employers care about contemporary unemployment lasting at
least nine months.
Following earlier studies, unemployment was signalled through a
time gap in the CV and by the phrase “right now I am looking for a job”
in the cover letter. Hence, it should be kept in mind that some employers
may perceive the gaps as signals of absence for other reasons, such as,
e.g., travel.16
We wanted the job tasks in the gig-job to appear as similar as possible
to the job-tasks in the traditional job. Therefore, we compared a gig-job
where the task is to deliver food from restaurants to customers to a traditional job of delivering mail.17 Both these jobs are independent service
jobs where the worker moves around the city on bike. The skills acquired on the job are local knowledge and being in good physical shape.
However, the employer-worker relationship diﬀers between the two. To
work for the gig job company, the person needs to own a smartphone
and a bike, have a temporary or permanent identiﬁcation number, and
be 18 or older.18 A typical job ad for the traditional employer states
that applicants should: be at least 18 years old; have a completed high
school degree and a driver’s license; be ﬂuent in Swedish; be in good
physical shape as well as be positive and service minded. Applicants are
also obliged to provide an extract from the police register declaring the
type and number of convictions. Thus, while no private gear is needed
in the traditional job, the screening process is more formal compared to
the gig job.19
An important aspect for the experimental design is whether the employers can identify the gig job employer. We chose the gig job food
delivery company that had been on the Swedish market for the longest
time, and that also operates in all three cities as well as on the international market. To further indicate the character of the company and
the job experience, a sentence added to the CV explicitly stated that the
company is an app-company: “Company X is the dominant app-company
for food delivery in city Y”.
We did not include information about the number of hours worked
in the gig/traditional job. Thus, it is possible, or even reasonable, that
employers interpret the gig experience as more irregular and intermittent compared to the traditional job.20 Employer perceptions about the

Fig. 1. Distribution of applications over occupations. Note: The ﬁgure shows
the fraction of applications sent over broad occupation groups deﬁned by the
ﬁrst digit in the Swedish Standard of Occupations (SSYK).

To get a reasonably high callback rate, the applications were designed
to signal a relatively well-qualiﬁed applicant (for their age). To this aim,
place of residence and high school was chosen to signal a middle-class
applicant with a completed high school degree from a vocational track
aimed at the service sector. In the résumés we also included at least 12
weeks of workplace training in a traditional job, which is the mandated
amount in vocational high school tracks, and having a driver’s license.
The age was not stated explicitly in the application but could be inferred
by the employer from the year of high school graduation.
We would like to emphasize that the job applications were not designed to reﬂect the average gig-worker but the type of job-seekers we
hope to learn about (labor market entrants with/without foreign background). It could be problematic if our applicants appear unrealistic for
their labor market history and the advertised type of job. Unfortunately
information about the characteristics of gig-workers is scarce, both in
Sweden and internationally. However, oﬃcial statistics suggest that
young and foreign born workers are over-represented in unskilled work
in general on the Swedish labor market (Arbetsmarknadsekonomiska
Rådet, 2018; Engdahl and Forslund, 2016). Survey evidence from other
countries moreover indicates that gig-workers come from all age and education groups (Boeri et al., 2020). Finally, from the labor market survey
to graduates in 2017 discussed above we learned that spells of unemployment and gig-work are not uncommon in the ﬁrst three years upon
graduation. Thus, while evidence on the composition of gig-workers is
still very limited, we feel conﬁdent that the applicants appear realistic
to the employers.
To achieve the desired sample size we followed Eriksson and
Rooth (2014) and sent three applications to each posted vacancy in the
sampling frame. To this end, we constructed three application templates
for each city with a high school name, a vocational track, an address,
a job training experience and an application layout, resulting in nine
application templates. These are the applications to which the treatments
were randomly assigned. The application templates consisted of a cover
letter on the ﬁrst page and a CV on the second page.14 We also gener-

15
Even though we only send three applications to each vacancy, we need four
identities—two with Swedish names, and two with Arabic names—in order to
stratify the secondary treatment in a balanced way.
16
Indicating the reason for time gaps other than unemployment is encouraged
by the Swedish PES (Eriksson and Rooth, 2014).
17
Unlike some gig jobs, the gig-job we use does not have a system for consumers to rate the workers on their performance.
18
A work jacket and a helmet is provided by the employer.
19
The minimum wage for a mailman is 22,000 SEK (2,400 USD), which is 30%
below the median wage on the Swedish labor market.

13
Survey evidence from ILO suggests that around two out of three gig-workers
are men (Berg et al., 2018).
14
Appendix C shows three examples of the CVs and cover letters, in the original Swedish as well as translated into English.
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nature of gig- vs. traditional jobs will thus be part of the eﬀect we estimate.
On top of work experience, we randomly assigned applicants a
Swedish-sounding or an Arabic-sounding name, which we chose according to oﬃcial statistics over the most common names given to newborns
in Sweden in 1998.21 Given that they have degrees from Swedish high
schools and speak ﬂuent Swedish, our applicants with Arabic-sounding
names are likely to be perceived either as second-generation immigrants
or as ﬁrst-generation immigrants who arrived in Sweden at a young age.
This is a consequence of making these applicants comparable to those
with Swedish-sounding names, but one might worry that our treatment
eﬀects do not generalize to newly arrived ﬁrst-generation immigrants.
However, as Carlsson (2010) has shown, labor market discrimination
in Sweden is remarkably similar for ﬁrst-generation immigrants with
foreign education and second-generation immigrants. For this reason,
we believe that our results are also informative about eﬀects for newly
arrived immigrants.

To make sure that the less well-deﬁned responses from employers
do not drive our results, we show that our reuslts are robust to using a
narrower deﬁnition of callback. See Section 5.3 for details.
5. Estimation and results
5.1. Identiﬁcation and estimation
To measure how labor market experience impacts the call-back rate,
we estimate the following linear probability model:
𝑔𝑖𝑔
𝑡𝑟𝑎𝑑
𝑦𝑖,𝑗,𝑘 = 𝛼 + 𝛽1 𝐸𝑖,𝑗,𝑘
+ 𝛽2 𝐸𝑖,𝑗,𝑘
+ 𝜈𝑗 + 𝜂𝑘 + 𝜀𝑖,𝑗,𝑘 ,

(1)

where 𝑦𝑖,𝑗,𝑘 is an indicator variable taking the value one if application 𝑖
sent to vacancy 𝑗 using application template 𝑘 received a call-back, and
𝑡𝑟𝑎𝑑 is an indicator variable taking the value one if the
zero otherwise; 𝐸𝑖,𝑗,𝑘
application was given the traditional work experience treatment, and zero
𝑔𝑖𝑔
otherwise. Similarly, 𝐸𝑖,𝑗,𝑘
indicates if the application was given the gig
experience treatment. The model also includes vacancy and application
ﬁxed eﬀects, 𝜈𝑗 and 𝜂𝑘 , in order to realize the precision gains from the
stratiﬁed randomization (these controls are not required for identiﬁcation); and 𝜀𝑖,𝑗,𝑘 is an error term. The treatment eﬀects are estimated by
𝛽1 and 𝛽2 .
Because we are also interested in the interaction between our experience variables and perceived applicant background, we expand Eq.
(1) by interacting the main treatment with the secondary treatment
(Swedish- or Arabic-sounding name):

4.4. Randomization procedure
As described in Section 4.2, we created three distinct application
templates for each of the three cities, where an application template
comprises the layout and all text of the application, except for the indicator of previous labor market experience (primary treatment), and the
name and contact information of the applicant (secondary treatment).
For each vacancy, we randomly combined the three application templates with the three levels of labor market experience (gig-economy,
traditional work, or unemployment), and three of the four identities.22
We thus sent three applications to each vacancy. The randomization ensures that the primary and secondary treatment are independent of each
other and of all other aspects of the applications.
Since each vacancy received all three versions of the main treatment
(labor market history), this treatment is stratiﬁed on the vacancy level.
The secondary treatment, Swedish- or Arabic-sounding name, is also
stratiﬁed on the vacancy level, since each vacancy received at least one
application with each treatment. Appendix Table B.2 shows the distribution of applications over broad occupations and treatment groups.
Reassuringly, this suggests that the number of applications is balanced
across treatment groups.

𝑔𝑖𝑔
𝑔𝑖𝑔
𝑡𝑟𝑎𝑑
𝑡𝑟𝑎𝑑
𝑦𝑖,𝑗,𝑘 = 𝛼 + 𝛽1 𝐸𝑖,𝑗,𝑘
+ 𝛽2 𝐸𝑖,𝑗,𝑘
+ 𝜆𝑁𝑖,𝑗,𝑘 + 𝛿1 𝐸𝑖,𝑗,𝑘
× 𝑁𝑖,𝑗,𝑘 + 𝛿2 𝐸𝑖,𝑗,𝑘

× 𝑁𝑖,𝑗,𝑘 + 𝜈𝑗 + 𝜂𝑘 + 𝜀𝑖,𝑗,𝑘 ,

(2)

where 𝑁𝑖,𝑗,𝑘 is an indicator variable taking the value one if the application was given an Arabic-sounding name, and zero otherwise. Here
𝛽 capture the treatment eﬀects for individuals with Swedish-sounding
names, while the eﬀect for those with Arabic-sounding names is given
by 𝛽 + 𝛿. Standard errors are clustered at the vacancy level.
5.2. Results
Fig. 2 and Table 1 show our main results. Fig. 2 shows the average
callback rate for each treatment (i.e., depending on prior experience
and perceived applicant background) and Table 1 shows the estimates of

4.5. Deﬁnition of callback
Answers from employers were recorded up to two months after the
application was sent. Phone calls were not answered and we let the automatic answering machine collect messages. All contacts by phone, i.e.,
missed phone calls, text messages, or voice messages, were registered as
callbacks.23 Invitations to interviews by email were coded as callbacks,
as were invitations to online tests or questionnaires. All questions by
email from employers, for example ”Do you speak Norwegian?”, ”Do
you have the required electrical skills?” or ”Are you willing to commute?” were also registered as callback.

Table 1
Main results.

Traditional work experience
Gig experience

(1)

(2)

(3)

(4)

1.62
(0.60)
1.05
(0.61)

1.62
(0.60)
1.04
(0.61)

3.49
(1.04)
1.97
(1.02)
–7.00
(1.01)
–3.51
(1.50)
–1.93
(1.44)

13.94
(0.60)
0.36
No
9,987
0.000

0.35
Yes
9,987
0.671

4.01
(1.23)
2.34
(1.19)
–6.70
(1.20)
–4.54
(1.82)
–2.67
(1.78)
17.29
(0.93)
0.18
No
9,987
0.017

Arabic-sounding name
Arabic × Traditional

20
Evidence from Sweden as well as the US indicates that the nature of platform work is short-term and intermittent (Collins et al., 2019; Farrell and Greig,
2016a).
21
The Swedish-sounding names were Filip Johansson and Erik Andersson. The
Arabic-sounding names were Ali Ahmed and Mohammed Hassan.
22 The randomization was performed using the Node.js package shuﬄe-array
(https://www.github.com/pazguille/shuﬄe-array) by Guille Paz, which uses
the JavaScript standard function Math.random() internally.
23
To connect a missed phone call to a vacancy in our database we used an
online search engine to search for the phone number. If the owner of the number
was an individual and not a company, we searched for the name on Google,
LinkedIn, and Facebook to connect the name to a company. By the end of the
experiment a number of telephone numbers could not be matched to a vacancy.
We called all non-coded telephone numbers, pretending to be dialing the wrong
number, to further improve the callback rate.

Arabic x Gig
Intercept
P-value, 𝐻0 : Trad. = Gig
Vacancy and application ﬁxed eﬀects
Observations
𝑅2

0.14
Yes
9,987
0.685

Note: Dependent variable is an indicator for receiving a callback from the
employer. Standard errors in parentheses are clustered by vacancy. All coeﬃcients and standard errors have been multiplied by 100. Columns (2)
and (4) include 3,329 vacancy ﬁxed eﬀects and 9 application template
ﬁxed eﬀects. The P-value row shows p-values from Wald tests of diﬀerence
between the traditional and gig work coeﬃcients. Overall callback rate is
14.8%.
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Fig. 2. Callback rates by treatment status
Note: Bars show callback rates with 95% conﬁdence intervals for each treatment group.
Table B.3 shows the number of observations in
each bar.

interest from Eqs. (1) and (2), with and without vacancy and application
ﬁxed eﬀects.
Our main contribution lies in the analysis of the relationship between
gig-experience and the callback rate. But let us ﬁrst comment on the
stark diﬀerence in callback rates for applicants with Swedish- vs. Arabicsounding names. Fig. 2 shows that the average callback rate for the minority group is considerably lower than for majority applicants, irrespective of type of labor market experience. The estimated callback gap with
respect to perceived background is 9 percentage points or about 47%.24
While this gap indicates substantial discrimination against minority applicants, it is well in line with estimates from previous correspondence
studies on the Swedish labor market as well as other studies on hiring
discrimination.25
Turning to the impact of gig-experience, our main results presented
in columns (1) and (2) of Table 1 suggest that participation in the gigeconomy is more valuable than unemployment, but less useful than similar experience from the traditional labor market.26 However, this pattern masks substantial heterogeneity with respect to perceived applicant
background. More speciﬁcally, we only see an improvement in the callback rate (compared to unemployment) for the majority group where
the diﬀerence between applicants in an ongoing unemployment spell
and in a gig-job is around 2–2.3 percentage points, or 11–14%. Traditional work experience gives a further 1.5–1.7 percentage point increase

in callbacks over gig experience, although this diﬀerence is somewhat
imprecisely estimated.
For applicants with Arabic-sounding names we instead ﬁnd that the
callback rate is the same irrespective of whether the applicant is searching from contemporary unemployment, from a gig-job or from a job on
the traditional labor market. Overall, we conclude from this result that
higher qualiﬁcations in terms of more experience does not improve the
callback rate for this minority group.

5.3. Robustness
We have performed a number of robustness checks and supplementary analyses. Results from these are presented in Appendix B, and discussed below.27
In our pre-analysis plan we speciﬁed a sample of 8,000 applications,
based on a power calculation for detecting a 2 percentage point change
in the call-back rate from a baseline of 10% with 80% power and a test
size of 5%. Because the data collection went faster than expected, we
decided to extend the experiment to 10,000 applications. This decision
was not based on any preliminary ﬁndings, as we did not look at the data
before having concluded the extended experiment. Nevertheless, for full
transparency we also report the results when restricting the sample to
the ﬁrst 8,001 applications sent in Appendix Tables B.4 and B.5 (we use
8,001 applications to ensure that each vacancy was sent three applications). They are similar to our main results.
As discussed in Section 4.5, our main deﬁnition of a callback is
rather wide, including not only invitations to interviews, but also questions and invitations to online tests. To make sure that the less welldeﬁned responses from employers do not drive our results, we replicated the analysis using a narrower deﬁnition of callback, excluding the
cases where employers contact applicants for further questions (see Appendix Tables B.6 and B.7). The results are similar, the main diﬀerence

24
The average callback rate is 19.4% for applicants with Swedish-sounding
names, and 10.3% for those with Arabic-sounding names.
25
Carlsson and Rooth (2007) ﬁnd that job applicants with a Swedish-sounding
male name have a 50 percent higher probability of receiving a callback for a
job interview compared to job applicants with a Middle Eastern-sounding male
name. Similar evidence has been found for Australia, Belgium, Norway and UK
(see, e.g. Baert et al., 2015; Booth et al., 2012; Drydakis and Vlassis, 2010; Fibbi
et al., 2006; Kaas and Manger, 2012; Midtbøen, 2016; Riach and Rich, 2002;
Wood et al., 2009).
26
The diﬀerence in callback rates for applicants searching from unemployment and employment is consistent with Eriksson and Rooth (2014), who found
that unemployment lasting at least nine months have negative eﬀects for young
majority workers who look for medium/low skill jobs.

27
With the exception of the sample size results, none of these analyses were
speciﬁed in our pre-analysis plan.
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being that callback rates in all groups are lower with the narrow callback
deﬁnition.
We sent three applications to each vacancy randomly varying applicant name and experience. As the name composition and application rank (i.e., the order in which the three applications were sent
to a vacancy) was randomized, controlling for these does not aﬀect
our results.28 However, it might be the case that callback rates vary
with name composition or application rank. To shed light on this, Appendix Fig. B.1 shows mean callback rates by name on the application
and name composition for the vacancy. Only one thing stands out: for
Swedish applicants with the unemployed treatment, the callback rate
seems higher when there are two Swedish applicants and one Arabic,
than when there are two Arabic and one Swedish. However, there are
essentially no diﬀerences for any of the other groups. Since we have no
plausible economic explanation for the pattern, and since it does not appear for any of the other treatment groups, it seems likely to be due to
statistical chance. Furthermore, Appendix Fig. B.2 shows callback rates
separated by application rank within the vacancy. While there is some
variation, it’s hard to discern any clear patterns.29
Finally, we plot callback rates separately for the three regions in Appendix Fig. B.3. While callback rates are uniformly highest in Gothenburg, and lowest in Malmö, the treatment eﬀects in terms of experience
and applicant name are similar across the three regions. Thus we conclude that the results we ﬁnd are generalizable across regions, and not
driven by a particular local labor market.30

Given the more stringent screening in traditional jobs compared to
gig jobs, a plausible assumption might be that the variance in unobserved productivity is lower in the former than the latter. This would
then lead us to overestimate the diﬀerence in callback rates between
the gig and traditional experience treatments.
Neumark (2012) proposes a test for this type of bias. Unfortunately,
the test requires access to a variable which aﬀects perceived productivity
in the same way across treatment groups. Since we do not have such a
variable in our data, we are unable to test this empirically.31
The diﬀerences between majority and minority applicants in the effects of work experience are striking but not entirely new in the literature. In particular, Arai et al. (2008) use a two-stage correspondence
study where in the ﬁrst stage, employers are sent CVs of equal observable quality while in the second stage, the CVs with Arabic names are
given an advantage of, on average, two more years of relevant work experience. Consistent with our ﬁndings, the call-back gap between male
applicants with Swedish and Arabic-sounding names remains large and
signiﬁcant despite a positive adjustment of CVs with Arabic names.
Cahuc et al. (2021) conduct a correspondence study in the French labor
market ﬁnding that high-school dropouts in France who exhibit a low
callback rate in response to their applications cannot improve this rate
by enhancing their labor market experience. We conclude from these
studies and our ﬁndings that it is very diﬃcult for groups with low callback rates at baseline to improve their hiring prospects by acquiring
more labor market experience.
Our experiment was conducted during an economic boom. From a
theoretical perspective it is not clear how the state of the labor market would aﬀect our ﬁndings. On the one hand, we may understate the
value of contemporary employment, since employers are potentially less
selective in whom to invite for an interview when they struggle to ﬁll
their vacancies.32 But employers may at the same time interpret unemployment, and potentially also participation in the gig-economy, as
a stronger signal about job-seeker (unobservable) productivity in tight
labor markets, which could enhance the signalling value of past experience. A few studies have considered how ethnic discrimination in hiring
varies with labor market tightness, but the ﬁndings are not conclusive.
Baert et al. (2015) show that discrimination decreases in upturns in the
Belgian labor market. In contrast, evidence in Kroft et al. (2013) as well
as Carlsson and Rooth (2007) show that the call-back gap with respect
to past unemployment and perceived background is higher in tight labor
markets.

5.4. Discussion
Our results suggest that the majority of young workers beneﬁt from
work experience in their search for low-skilled jobs. However, employers seem to attach a lower value to experience obtained in the gig economy, suggesting that the type of job matters. This pattern could reﬂect
that employers perceive gig-experience as a signal of a lack of other options, and thus as indicative of lower worker quality. Given the high entry barriers into traditional wage jobs in Sweden, we believe that the signalling value of wage employment is high in our setting (see Section 3).
We do not know exactly how gig jobs are perceived by employers—e.g., experience in the gig-economy may signal a more irregular
and intermittent work experience compared to the traditional wage job,
since evidence suggests that platform work is intermittent in nature.
This could be one reason for why employers appear to value gig experience below traditional experience. While this makes it hard to say which
aspects of gig experience are important to employers, it allows us to recover the full eﬀect of gig experience on the actual labor market. This
includes any misconceptions employers might have about the nature of
gig experience.
Another potential issue could arise if the variance of unobserved productivity diﬀers between groups, introducing bias in estimates of discrimination from correspondence studies (Heckman, 1998). Intuitively,
employers care about both observed and unobserved productivity when
making hiring decisions. If the applications are of relatively high quality, signalling high observed productivity (as arguably is the case in our
setting), employers will want to avoid a large negative draw from the
distribution of unobserved productivity, since this would push overall
productivity below the threshold at which an employee is worth hiring.
This will lead employers to prefer applicants from groups with lower
variance in unobserved productivity.

6. Concluding remarks
Recently, one of Sweden’s leading newspapers published the following quote from the Swedish Public Employment Services:
The gig economy will help those who want a permanent position but
who have diﬃculty ﬁnding one, for example young people without
long experience and those newly arrived in Sweden. For them, it will
be easier to ﬁnd a job in the gig economy and start building a résumé
that helps them ﬁnd a permanent job.33
We conducted a ﬁeld experiment to shed light on this question. More
speciﬁcally, we sent almost ten thousand ﬁctitious job applications to
over three thousand employers looking to hire on the traditional labor
market. By randomly varying the applicants’ work history, we estimate
the value of a gig-job compared to either unemployment or similar work
experience from the traditional labor market (in terms of call backs). Our
ﬁndings suggest that gig-experience raises the call back rate compared

28

Estimates available upon request.
It should also be noted that, as we’re now dividing the data into a larger
number of groups, precision is relatively low.
30
We also estimate fully interacted models with region indicators. The baseline
diﬀerences show up here too, in the intercept estimates, although the diﬀerence
between Stockholm and Gothenburg is quite imprecise. All interaction terms are
imprecise and mostly not very large.
29

31

We thank an anonymous referee for bringing this issue to our attention.
This is in line with the model in Engbom (2021), where the quality of the
pool of applicants increases in booms, making ﬁrms less selective in hiring.
33
Erik Sandström, head of digital services at the Swedish Public Employment
Services in Dagens Nyheter, February 25, 2018, authors’ translation.
32
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to unemployment, although less so than similar experience from the traditional labor market for young entry-level job applicants who belong to
the majority group (i.e., for applicants with Swedish-sounding names).
For minority applicants, however, we ﬁnd that neither gig work experience nor traditional experience enhance the call-back rate compared
with contemporary unemployment. One potential reason for this result
is that employers have such strong negative priors against this group
that higher qualiﬁcations in terms of more experience do not improve
the callback rate for minority workers. But the ﬁnding could also reﬂect an attenuation of negative signals from past unemployment/gigemployment when the candidate belongs to a minority.
We are fully aware that our study has several limitations. First,
like most correspondence studies we are not able to go beyond the
ﬁrst stage in the hiring process. Thus, we cannot conclude whether
our results translate into diﬀerences in actual hiring rates between jobseekers with diﬀerent types of work experience/perceived background.
Second, it may be argued that the results are speciﬁc to the choice of
gig/traditional job included in the CV as well as to the Swedish labor
market. While this is a valid concern, we believe that our focus on wellknown companies that have operated in the market for quite some time
enhances the chances that prospective employers are able to distinguish
between the gig- and traditional employers. If not, this would lead us
to underestimate the diﬀerences. In addition, previous studies suggest
that the negative impact of unemployment, as well as the callback gap
between minority and majority applicants, are rather similar in Sweden
compared to, e.g., the US. Third, it should also be kept in mind that the
experiment was conducted during an economic boom, when many employers are struggling to ﬁll vacancies and it is a priori not clear how
this impacts our ﬁndings.
Despite these shortcomings, we believe that our study provides a ﬁrst
important piece of evidence about the value employers attach to gigexperience for minority and majority applicants. While we acknowledge
that participating in the gig economy may provide earnings opportunities to individuals in the absence of other employment opportunities, our
results give no support to the hypothesis that the gig-economy serves as
an important gate-way to traditional jobs for minority workers.

data on job applicants can choose to collect applications through their
own web site, where they can provide information to the applicant and
obtain consent more easily. This could possibly aﬀect the selection of
employers and hence the external validity of the study.
Out of considerations for the employers, and in order not to reveal
the experiment, we avoided applying for more than one job at the same
small company or local department of a large company. Similarly, for
large companies with several departments or franchise chains, we let
some time pass before applying to the second chain store or local department of a company in a city where we already sent one set of applications.
In total, we sent 10,305 applications. Out of these, 117 applications
were deleted because the applications were erroneously sent out without a lag in between them. A number of employers with a high demand
for labor or a high turnover repeatedly posted new job vacancies on
Platsbanken. 129 applications (43 job ads) were sent by mistake to an
email address that had already received a set of applications for a different vacancy. We deleted both vacancies if the second set of applications was sent less than 30 days after the ﬁrst set, otherwise we deleted
only the second set of applications. 198 applications were deleted
for the aforementioned reason, leading to a ﬁnal data set of 9,987
applications.
Appendix B. supplemental results

Table B1
20 largest occupations.

Appendix A. further details about the data collection
We restricted the sample to employers who had included an email
address in the job ad. If the employer had its own application procedure
on their external webpage, and informed about this in their email response, we deleted the vacancy and thereafter excluded vacancies from
this company from the sampling frame. In total, 236 employers wrote
by email that they did not accept applications by email. During the data
collection, more than 900 vacancies or 2,700 applications were deleted
for this reason. In May 2018 the EU General Data Protection Regulation
(GDPR) came into force and replaced the Swedish Personal Data Act.
A number of employers stated that GDPR was the reason for why they
did not accept applications by email. With the GDPR, the restrictions on
how companies could collect and process personal data were strengthened (Datainspektionen, 2018). Companies that want to store personal

SSYK

Occupation

Share, percent

941
534
522
524
422
513
911
411
332
432
531
832
512
532
912

Food Preparation Assistants
Personal Care Workers in Health Services
Shop Salespersons
Other Sales Workers
Client Information Workers
Waiters and Bartenders
Domestic, Hotel and Oﬃce Cleaners and Helpers
Clerks and Secretaries
Sales and Purchasing Agents and Brokers
Material Recording and Transport Clerks
Child Care Workers and Teachers’ Aides
Car, Van and Motorcycle Drivers
Cooks
Personal Care Workers in Health Services
Vehicle, Window, Laundry and Other Hand
Cleaning Workers
Information and Communications Technology
Operations and User Support Technicians
Cashiers and Ticket Clerks
Assemblers
Market Gardeners and Crop Growers
Other Elementary Workers
Other occupations

12.2
9.4
8.2
7.7
6.5
5.9
5.6
4.4
4.4
4.3
3.2
2.3
1.6
1.6
1.5

351
523
821
611
962

1.3
1.1
1.0
0.9
0.9
16.0

Note: This table shows the fraction of applications sent for the 20 most common occupation groups deﬁned by three-digit Swedish Standard of Occupations
(SSYK) code.
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Table B2
Number of applications by occupation.
Swedish name

Arabic name

Occupation group

Total

Unempl.

Gig.

Trad.

Unempl.

Gig.

Trad.

Service, care and shop sales workers
Elementary occupations
Administration and customer service clerks
Occupations requiring higher education qualiﬁcations or equivalent
Building and manufacturing workers
Mechanical manufacturing and transport workers, etc.
Occupations requiring advanced level of higher education
Agricultural, horticultural, forestry and ﬁshery workers
Managers
Total

4,101
2,262
1,581
729
564
456
162
120
12
9,987

686
376
263
123
92
71
27
25
3
1,666

685
391
265
125
94
72
28
18
3
1,681

675
357
259
121
86
77
30
22
2
1,629

681
378
264
120
96
81
27
15
1
1,663

682
363
262
118
94
80
26
22
1
1,648

692
397
268
122
102
75
24
18
2
1,700

Note: Cells show number of applications sent by one-digit Swedish Standard of Occupations (SSYK) group and treatment status.

Table B6
Callback rates by treatment status, narrow deﬁnition of callback.

Table B3
Callback rates by treatment status.
Swedish name

Unemployed
Gig
Traditional

Arabic name

Swedish name
Mean

Std. dev.

Obs.

Mean

Std. dev.

Obs.

14.4
16.6
18.2

35.1
37.2
38.6

1,666
1,681
1,629

8.36
8.8
7.88

27.7
28.3
27

1,663
1,648
1,700

Mean

Std. dev.

Obs.

Mean

Std. dev.

Obs.

17.3
19.6
21.3

37.8
39.7
41

1,666
1,681
1,629

10.6
10.3
10.1

30.8
30.3
30.1

1,663
1,648
1,700

Unemployed
Gig
Traditional

Arabic name

Note: Cells show means, standard deviations, and number of observations
for the narrow callback variable by treatment status. Means and standard
deviations have been scaled by 100 to correspond to percentage callback
rates.

Note: Cells show means, standard deviations, and number of observations
for the callback variable by treatment status. Means and standard deviations have been scaled by 100 to correspond to percentage callback rates.
Table B4
Callback rates by treatment status, only ﬁrst 8,001 observations.
Swedish name

Unemployed
Gig
Traditional

Arabic name

Mean

Std. dev.

Obs.

Mean

Std. dev.

Obs.

17.1
20.7
21.8

37.7
40.5
41.3

1,336
1,359
1,309

11.1
10.3
9.94

31.4
30.4
29.9

1,331
1,308
1,358

Table B7
Main results, narrow deﬁnition of callback.

Note: Cells show means, standard deviations, and number of observations
for the callback variable by treatment status. Means and standard deviations have been scaled by 100 to correspond to percentage callback rates.
Sample is restricted to the ﬁrst 8,001 observations sent.

Traditional work experience
Gig experience

(1)

(2)

(3)

(4)

1.56
(0.56)
1.35
(0.58)

1.57
(0.56)
1.35
(0.58)

3.83
(1.14)
2.19
(1.12)
–6.05
(1.10)
–4.30
(1.67)
–1.75
(1.65)
14.41
(0.86)

2.68
(0.95)
1.98
(0.95)
-6.75
(0.94)
-2.03
(1.36)
-1.33
(1.34)

0.71
Yes
9,987
0.666

0.16
No
9,987
0.016

0.46
Yes
9,987
0.679

Arabic-sounding name

Table B5
Main results, only ﬁrst 8,001 applications.

Arabic × Traditional

Traditional work experience
Gig experience

(1)

(2)

(3)

(4)

1.61
(0.68)
1.46
(0.70)

1.61
(0.68)
1.46
(0.70)

4.63
(1.37)
3.54
(1.35)
–6.02
(1.34)
–5.81
(2.04)
–4.33
(2.02)
17.14
(1.03)

3.58
(1.16)
2.44
(1.18)
–7.02
(1.15)
-3.72
(1.67)
–2.12
(1.67)

0.43
No
8,001
0.019

0.33
Yes
8,001
0.680

Arabic-sounding name
Arabic × Traditional
Arabic x Gig
Intercept

14.14
(0.67)

P-value, 𝐻0 : Trad. = Gig
Vacancy and application ﬁxed eﬀects
Observations
𝑅2

0.83
No
8,001
0.000

0.83
Yes
8,001
0.666

Arabic x Gig
Intercept

11.38
(0.55)

P-value, 𝐻0 : Trad. = Gig
Vacancy and application ﬁxed eﬀects
Observations
𝑅2

0.72
No
9,987
0.000

Note: Dependent variable is an indicator for receiving a callback from the
employer, using the narrow deﬁnition of a callback. Standard errors in
parentheses are clustered by vacancy. All coeﬃcients and standard errors have been multiplied by 100. Columns (2) and (4) include 3,329 vacancy ﬁxed eﬀects and 9 application template ﬁxed eﬀects. The P-value
row shows p-values from Wald tests of diﬀerence between the traditional
and gig work coeﬃcients. Overall callback rate is 12.4%.

Note: Dependent variable is an indicator for receiving a callback from the
employer. Standard errors in parentheses are clustered by vacancy. All coeﬃcients and standard errors have been multiplied by 100. Columns (2)
and (4) include 2,667 vacancy ﬁxed eﬀects and 9 application template
ﬁxed eﬀects. The P-value row shows p-values from Wald tests of diﬀerence
between the traditional and gig work coeﬃcients. Overall callback rate is
15.2 percent. Sample is restricted to the ﬁrst 8,001 observations sent.
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Fig. B1. Callback rates by treatment status and name composition. Note: Bars show callback rates with 95% conﬁdence
intervals for each treatment group, separately by the composition of name treatments sent to the vacancy.

Fig. B2. Callback rates by treatment status and application
rank. Note: Bars show callback rates with 95 percent conﬁdence intervals for each treatment group, separately by the
order in which the application was sent to the vacancy.
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Fig. B3. Callback rates by treatment status and region. Note:
Bars show callback rates with 95% conﬁdence intervals for
each treatment group, separately by region.

Appendix C. example CVs
Below we include three examples of personal letters and CVs for vacancies in the Stockholm region (CVs for Gothenburg and Malmö are similar,
but with region-appropriate home addresses, schools, and workplace practice locations).
Each of the three CV types were combined with all three experience treatments. The examples below show CV type 1 with the unemployed
treatment, CV type 2 with the gig job treatment, and CV type 3 with the traditional job treatment. The four identities were inserted in the ﬁelds
{ﬁrst_name}, {last_name}, {phone}, and {email}. The job title of the vacancy was inserted in the ﬁeld {occupation}.
We have marked the places were we signal the primary treatment (experience) using red squares.
Note that the letters and CVs have been machine translated, with some manual adjustments, from Swedish to English. They are thus meant to
signal the layout and content, but not the tone of writing, of the applications. In some places, we have placed short explanations of certain names in
square brackets (such as a “[high school]” or “[restaurant]”), in order to help non-Swedish readers understand the context of the applications.
We also include the untranslated originals in Swedish.
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